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ABSTRACT
Patients with anorexia nervosa (AN) typically hold altered beliefs about their body 
that they struggle to update, including global, prospective beliefs about their ability to 
know and regulate their body and particularly their interoceptive states. While clinical 
questionnaire studies have provided ample evidence on the role of such beliefs in the 
onset, maintenance, and treatment of AN, psychophysical studies have typically focused 
on perceptual and ‘local’ beliefs. Across two experiments, we examined how women 
at the acute AN (N = 86) and post-acute AN state (N = 87), compared to matched 
healthy controls (N = 180) formed and updated their self-efficacy beliefs retrospectively 
(Experiment 1) and prospectively (Experiment 2) about their heartbeat counting abilities 
in an adapted heartbeat counting task. As preregistered, while AN patients did not differ 
from controls in interoceptive accuracy per se, they hold and maintain ‘pessimistic’ 
interoceptive, metacognitive self-efficacy beliefs after performance. Modelling using a 
simplified computational Bayesian learning framework showed that neither local evidence 
from performance, nor retrospective beliefs following that performance (that themselves 
were suboptimally updated) seem to be sufficient to counter and update pessimistic, self-
efficacy beliefs in AN. AN patients showed lower learning rates than controls, revealing 
a tendency to base their posterior beliefs more on prior beliefs rather than prediction 
errors in both retrospective and prospective belief updating. Further explorations showed 
that while these differences in both explicit beliefs, and the latent mechanisms of belief 
updating, were not explained by general cognitive flexibility differences, they were 
explained by negative mood comorbidity, even after the acute stage of illness.
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INTRODUCTION
Interoception refers to the process of sensing, integrating, and interpreting internal, physiological 
signals (Khalsa et al., 2018). Interoceptive processing alterations have been proposed as a 
‘transdiagnostic’ mechanism conferring vulnerability across mental health disorders (Nord et al., 
2021), particularly those at the interface with physical health, such as eating disorders (EDs; Bruch, 
1962; Jenkinson et al., 2018; Khalsa et al., 2022; Martin et al., 2019). For example, patients may 
present with an inability to sense a depleted nutritional body state and difficulties in perceiving 
and interpreting cutaneous, cardiac, and respiratory signals (e.g., Berner et al., 2018; Crucianelli et 
al., 2021; Davidovic et al., 2018; Kerr et al., 2016; Lapidus et al., 2020; Pollatos et al., 2008, 2016). 
Contemporary network analyses identify dysfunctional interoception as a core ED component 
(Brown et al., 2020; Cascino et al., 2019; Olatunji et al., 2018; Solmi et al., 2018; Vervaet et al., 
2021), affecting treatment outcomes (Bizeul et al., 2001; Carter et al., 2004), unless targeted by 
interoceptive-based interventions (Baker, 2020; Choquette et al., 2023; Dalton et al., 2018; Heim 
et al., 2022; Khalsa et al., 2020).

Self-report has been mostly used to assess interoception in EDs, but recently psychophysical tasks 
have also revealed reduced interoceptive accuracy in clinical groups compared to controls (e.g., 
Bischoff-Grethe et al., 2018; Crucianelli et al., 2016, 2021; Garfinkel et al., 2015; Khalsa et al., 2015, 
2018; Lutz et al., 2019; Pollatos et al., 2008, 2016). Interestingly, some studies have also shown 
group differences in the metacognitive evaluation and appraisal of interoceptive signals. Specifically, 
patients with Anorexia Nervosa (AN; characterised by severely restricted caloric intake and intense 
fears regarding weight gain; American Psychiatric Association, 2013) show lower confidence than 
controls in their interoceptive abilities, despite comparable performance levels (Khalsa et al., 
2015; Kinnaird et al., 2020). These higher-order interoceptive processing levels have been termed 
interoceptive awareness, or metacognition (Critchley & Garfinkel, 2017; Garfinkel et al., 2015).

While however such psychophysical studies have focused on ‘local’ and ‘retrospective’ measures 
(e.g., trial-by-trial confidence-accuracy correspondence; Fleming & Lau, 2014; Garfinkel et al., 
2015; Rouault, McWilliams et al., 2018), clinical traditions usually employ questionnaires (e.g., the 
Metacognitions Questionnaire; Cartwright-Hatton & Wells, 1997; Wells & Cartwright-Hatton, 2004) 
to sample explicit global, retrospective and prospective, metacognitive beliefs that have been 
found to be critical for the onset and maintenance of AN (for systematic reviews see: Palmieri et 
al., 2021; Sun et al., 2017). For example, metacognitive beliefs such as positive beliefs about worry 
and negative beliefs about thought uncontrollability and danger predict the drive for thinness 
in AN (Davenport et al., 2015; McDermott & Rushford, 2011; Palomba et al., 2017). Moreover, 
metacognitive dysfunctions in the form of ruminations over distorted cognitions pertaining to 
food, weight, and shape hinder the ability to engage in helpful cognitive processes such as problem 
solving (Safdari et al., 2013; Tchanturia et al., 2013). Patients may also show aberrant explicit beliefs 
about their illness and its causes (termed clinical insight; David, 2004). Insight deficits, common 
in restrictive AN (Greenfeld et al., 1991; Konstantakopoulos et al., 2011, 2012), indicate a specific 
metacognitive basis (Arbel et al., 2013). Additionally, beliefs about one’s capacity to succeed in, or 
cope with different situations and contexts (termed self-efficacy; Bandura, 1977) can be affected 
in EDs (Goodrick et al., 1999; O’Leary, 1985). More recently, network analysis studies suggest 
that metacognitive beliefs, such as ‘body mistrust’ may also determine the association between 
interoceptive ability and ED symptomatology (Olatunji et al., 2018; Monteleone & Cascino, 2021). 

Yet, despite the frequent association of interoception and metacognition deficits with AN (Cooper 
et al., 2021; Jenkinson et al., 2018; Khalsa et al., 2022), theoretical insights from psychophysical 
paradigms have not been integrated with insights from clinical studies on explicit, clinically-
relevant beliefs. Moreover, while the importance of global (mostly retrospective) metacognition 
in mental health is getting some recognition among experimental traditions (Seow et al., 2021), 
such insights have not been extended to prospective beliefs, or to interoception research in EDs 
(see Stephan et al., 2016 for a first theoretical proposal and model in relation to depression and 
self-efficacy). Bridging these gaps was the central aim of our interdisciplinary study.
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Specifically, we used a unifying Bayesian, computational approach (Friston, 2010; Petzschner 
et al., 2017; Smith et al., 2020; Smith, Mayeli et al., 2021; Stephan et al., 2016) to study under 
one continuous framework how interoceptive perception and local metacognition influence the 
updating of explicit global, prospective beliefs about interoception. We have previously utilised 
this approach in different contexts to characterise the continuity between perceptual and 
metacognitive beliefs in self-awareness (Kirsch et al., 2021; Krahé et al., 2024). Here, we applied 
this unifying Bayesian approach to explicit, prospective and retrospective capability beliefs in the 
interoceptive domain. We assessed how information from one’s performance on a heartbeat 
counting task (HCT; Schandry, 1981) and related local and global retrospective beliefs about this 
performance (the level of accuracy-confidence correspondence) are combined to inform the 
updating of explicit, prospective metacognitive beliefs  about one’s ability to monitor cardiac 
signals in AN. These investigations deepen our understanding of AN, shedding light on both the 
perception and evaluation of bodily signals in the here-and-now experience of the patient (“How 
well did I feel my internal sensations?”), but also on the processes that allow patients to use such 
‘local’ perception and evaluation to update their ‘global’ interoceptive ability beliefs (“How well do 
I perceive my internal sensations in general?”).

Across two experiments we investigated how women at the acute AN stage, and post-acute 
AN phase (p-AN) and age-, ethnicity- and gender-matched healthy controls (HC) update their 
prospective (self-efficacy) beliefs about their heartbeat detection abilities after engaging in a 
modified HCT (Schandry, 1981). Comparisons across these three groups allowed us to disentangle 
state (e.g., changes present only during the acute AN phase as secondary neurocognitive, 
psychological, and physiological consequences to prolonged malnutrition) from trait mechanisms 
(premorbid deficits present in at-risk individuals, or deficits that endure beyond the acute phase, 
present during remission). While some theoretical (Barca & Pezzulo, 2020) and formal (Smith et 
al., 2020; Smith, Mayeli et al., 2021) approaches in EDs have used a similar Bayesian framework 
to characterise disruptions in interoceptive Bayesian inference in the perceptual domain (see 
Smith, Kirlic, et al., 2021 for a recent computational study showing precision-weighting differences 
between clinical groups, including a small (N = 14) ED sample, and healthy controls; and see 
Lavalley et al., 2023 for a recent replication), to our knowledge this approach has not been applied 
to explicit and prospective, or counterfactual metacognitive beliefs, typically identified as aberrant 
in EDs (see above). Thus, we developed a simplified interoceptive belief updating task and a 
corresponding Bayesian modelling approach to examine the key parameters involved in belief 
updating in the cardiac domain. When such metacognitive beliefs need to be updated, various 
sources of evidence, and corresponding precision and learning rate parameters are involved, 
and these include not only sensory signals and related beliefs but also cognitive beliefs about 
the underlying sensory beliefs and their precision (e.g., Kirsch et al., 2021; Krahé et al., 2024; 
Lavalley et al., 2023; Smith et al., 2020). Specifically, here we considered that the updating of 
explicit metacognitive beliefs can be influenced by at least two key sources of ‘evidence’: first, the 
perceptual performance itself (e.g., one’s actual accuracy) and second, one’s global retrospective 
beliefs about such performance (e.g., how accurate one thought they were after the task ends). 
Similarly, there can be different sources of ‘evidence precision’ and here we considered two 
experimental measures as ‘proxies’ for such precision – namely, individuals’ confidence about their 
performance during the task (which can be regarded as state-like beliefs about the accuracy of 
their interoceptive abilities) and individuals’ self-reported interoceptive abilities in everyday life as 
measured via a standardised questionnaire (which are more likely to be trait constructs, reflecting 
global beliefs about interoceptive abilities). This comparison of proxy measures of ‘evidence’ and 
of ‘precision of evidence’ allowed us to identify which combination best approximated the actual 
posterior beliefs of the participants. Crucially, we were able to explore if the clinical groups differ 
from controls in how much they take the ‘evidence’ into account (i.e., how much precision goes 
to the evidence vs. prior) when updating their prospective beliefs regarding cardiac interoceptive 
abilities. Moreover, although these two measures used as evidence precision proxies may appear 
as different at face value, they are the two measures we had of how people subjectively and 
retrospectively evaluate their interoceptive abilities retrospectively, either in everyday life (a trait-
like measure of everyday, subjective evaluation of one’s interoceptive abilities), or in the lab. Thus, 
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we were able to create alternative models of how our groups use ‘state-like’ or ‘global, trait-like’ 
retrospective beliefs about their interoceptive abilities when updating their self-efficacy beliefs 
about such abilities prospectively.

METHODS: EXPERIMENT 1
PARTICIPANTS

The sample consisted of NAN = 51, Np-AN  = 47, and NHC = 63 women aged between 18 and 45 (full 
details on eligibility criteria, participant characteristics, and recruitment sites in Supplementary 
Material and Table S1). AN patients met the restrictive subtype AN DSM-5 criteria (American 
Psychiatric Association, 2013) and had a BMI < 18.5. Given growing concerns around weight-
restoration criteria (e.g., Harrop et al., 2021; Khalsa et al., 2017; Lebow et al., 2018; Ralph et al., 
2022), we chose a combination of objective and clinical criteria to best represent the patients’ 
clinical reality (see also Jenkinson et al., 2023). Therefore, instead of relying only on BMI criteria, 
which may inadequately reflect the clinical complexity of the AN recovery stages and symptom 
evolution, p-AN participants were eligible if they no longer met the DSM-5 criteria for restrictive 
subtype AN criteria according to their psychiatrist and met at least two of the following: BMI > 
16.5, clinical and behavioural signs of AN recovery (e.g., no restrictive eating patterns) for at least 
6 months, and/or a global Eating Disorders Examination Questionnaire (EDE-Q; Fairburn & Beglin, 
1994) score <4. Additionally, if an p-AN participant had a BMI between 16.5 and 18.5 their clinical 
status was further confirmed by their experienced clinical team. HCs had a BMI between 18.5 and 
25 and were excluded if they or a first-degree relative had an ED history.

DESIGN AND DATA ANALYSIS

We used a revised version of the existing Heartbeat Counting Task (HCT; Schandry, 1981) to measure 
interoceptive belief updating. The task included the traditional measure of interoceptive accuracy, 
hereafter referred to as Performance, and three additional measures to examine participants’ 
beliefs about their performance before and after completing the HCT. These measures were 
participants’ (1) Prior Prospective Self-Efficacy Beliefs (i.e., how well they think they will do on the 
HCT), (2) Posterior Retrospective Self-Efficacy Beliefs (i.e., how well they think they performed on 
the task), and (3) Post-False Feedback Retrospective Self-Efficacy Beliefs (i.e., participants’ second 
retrospective evaluation of their Performance after receiving arbitrary feedback). In other words, 
after participants gave their Posterior Retrospective Self-Efficacy Belief, half of the participants 
were told they did much better than the others, while the other half were told they did much 
worse. Participants then rated their Performance retrospectively. These measures allowed to 
examine how prospective beliefs about HCT are generated prospectively and how they are updated 
retrospectively, after completing the HCT.

In a linear regression we first examined the effect of Group (independent variable; IV) on 
Prior Prospective Self-Efficacy Beliefs (dependent variable’ DV), expecting the AN group to be 
significantly more pessimistic about their heartbeat counting abilities than the HCs. Next, using a 
linear regression, we examined differences in Performance scores, expecting to not find significant 
group differences. To obtain a Performance percentage score we used the following Schandry 
(1981) transformation (1).

 

  1
1 *100

3  

RecordedHeartbeats CountedHeartbeats
Performance

RecordedHeartbeats

é ù-ê ú= -ê ú
ê úë û

å  (1)

Typically, Performance scores range from 0 (worst Performance) to 1 (best Performance), but 
here we multiplied the score by 100 to maintain consistency with our other measures, namely 
participants’ Prior Prospective and Posterior Retrospective Self-Efficacy Beliefs.  

Then, in a linear regression we assessed whether the three Groups (IV) differed in their Posterior 
Retrospective Self-Efficacy Beliefs when controlling for the Prior Prospective Self-Efficacy Beliefs and 
Performance. We also calculated the difference between Performance and Prior Prospective Self-
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Efficacy Belief (i.e., Prediction Error) and examined how Prediction Error explained the AN group’s 
Posterior Retrospective Self-Efficacy Beliefs, and the between-group differences in Prediction Error. 
Finally, in within-group analyses we assessed whether false feedback influenced participants’ Post 
False-Feedback Retrospective Self-Efficacy Beliefs (after first controlling that positive false feedback 
was not randomly given only to participants with higher Performance scores and negative false 
feedback to participants with low Performance scores; see Supplementary Material, Table S4).

Exploratory regressions with psychometric traits and clinical characteristics (e.g., illness duration 
and severity) were run but these are presented in detail in the Supplementary Material (see Tables 
S5–S7) given that the purposes of Experiment 1 (also preprinted and available here: https://psyarxiv.
com/rntsf/; Saramandi et al., 2022) were to present our key results upon which we contextualised 
and based our preregistered Experiment 2.

MAIN EXPERIMENTAL MEASURES AND PROCEDURE

Following baseline, demographic, and psychometric assessments (see below), participants wore 
the Polar heart rate monitor (model RS 800CX; see Emanuelsen et al., 2015; Fischer et al., 2016) on 
their left wrist and the heart rate monitoring throughout the experiment was explained to them. 
Next, participants silently sat on a chair with their legs uncrossed and their wrist gently resting 
on the table in front of them to obtain a 5-min baseline recording of their heart rate (used in 
Experiment 1 as a control measure; see Supplementary Material, Tables S1, and S3).

Then, participants provided a Prior Prospective Self-Efficacy Belief estimate and proceeded to 
complete the HCT in the same, relaxed position, with their eyes open or closed (depending on what 
felt comfortable to them), as they were during the baseline heart rate measurement. Participants 
were asked to not attempt any physical manipulation to facilitate heartbeat detection and only 
report the number of heartbeats they actually felt rather than guess how many heartbeats they 
think they felt. Participants completed three heartbeat counting trials (25s, 45s, and 65s, with 30s 
rest breaks in between) in a randomised order between participants and information about the 
length of counting phases or participant Performance was not given. Participants were prompted 
with ‘Go’ and ‘Stop’ signals at the start and end of each counting phase, respectively, and then 
verbally reported the number of felt heartbeats. After completing the HCT participants rated their 
Performance (Posterior Retrospective Self-Efficacy Belief). Finally, participants were given arbitrary 
false feedback regarding their Performance and were asked to provide a further estimate, namely 
the Post False-Feedback Retrospective Self-Efficacy Belief (due to clinical time constraints this 
measure is missing from N = 32 participants). Participants were fully debriefed at the end of the 
task and told that the feedback was for experimental purposes only, and not a reflection of their 
actual Performance during the task.

RESULTS: EXPERIMENT 1
The AN, but not p-AN group, significantly underestimated their performance abilities before 
completing the HCT as seen by their lower Prior Prospective Self-Efficacy Beliefs in comparison 
to those of the HCs (AN: β(SE) = –13.635(4.36), t = –3.23, p = .002, R2

ADJ = 0.06; p-AN: β(SE) = 
–4.12(4.50), t = –0.92, p = .362, R2

ADJ = 0.06). However, we found very small and non-significant 
differences between our clinical group’s Performance relative to the HCs (AN: β(SE) = 0.03(.04), t = 
.652, p = .516, R2

ADJ = –0.005; p-AN: β(SE) = 0.05(.04), t = 1.127, p = .262, R2
ADJ = –0.005) in line with 

recent findings (e.g., Kinnaird et al., 2020; Richard et al., 2019; but see Pollatos et al., 2008, 2016 
for contrary findings). Moreover, AN, but not p-AN participants, had lower Posterior Retrospective 
Self-Efficacy Beliefs regarding their Performance compared to HCs (AN: β(SE) = –13.11(3.75), t = 
–3.497, p = .001, R2

ADJ = .48; p-AN: β(SE) = –1.46(3.78), t = –0.385, p = .701, R2
ADJ = 0.48). That is, AN 

participants thought they performed worse than HCs. Further analyses suggested this difference 
could be explained by the significant interaction between Group and Prediction Error, with the AN 
group showing a greater Prediction Error than HCs (i.e., AN patients predicted to perform worse 
than they actually did), and that difference in Prediction Error between the groups predicted their 

https://psyarxiv.com/rntsf/
https://psyarxiv.com/rntsf/
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differences in Posterior Retrospective Self-Efficacy Beliefs (AN: β(SE) = –0.419(0.17), t = –2.538, p = 
.012, R2

ADJ = .159; p-AN: β(SE) = –0.03(0.18), t = –0.184, p = .855, R2
ADJ = 0.159).  

When assessing the influence of external feedback in performance evaluation, positive 
false feedback about one’s performance resulted in higher Post False-Feedback Self-Efficacy 
Beliefs, and the opposite was observed following negative false-feedback within each group 
separately (AN: β(SE) = 37.49(7.44), t = 5.036, p < .001, R2

ADJ = .346; p-AN: β(SE) = 33.50(5.96), 
t = 5.62, p < .001, R2

ADJ = 0.44; HC: β(SE) = 24.72(6.29), t = 3.93, p < .001, R2
ADJ = –0.26). Such 

external, social feedback (even false, as in this case) may thus be used to modify self-efficacy 
beliefs. This finding further suggests that the belief updating difficulties we observed in the AN 
sample may be particularly compromised regarding interoceptive signals and not generalise 
to other domains, but future studies should examine if this applies to other perception 
domains, such as visual perception, before conclusions can be drawn for our findings’  
domain-specificity.

SUMMARY OF EXPERIMENT 1 RESULTS WHICH LED TO EXPERIMENT 2 AIMS AND 
DESIGN

Broadly, our preliminary findings suggest that AN patients have low self-efficacy about their 
cardiac, interoceptive abilities before they even engage with a task (prospectively), and seem to not 
be updating their self-efficacy beliefs retrospectively, despite not finding evidence of Performance 
group differences. Instead, they somehow adhere to their prospective, self-efficacy beliefs. 
Based on these results, we enhanced our task and preregistered the following experimental and 
computational study to investigate how AN, or p-AN groups compared to HCs use nested, local 
and global retrospective beliefs about HCT performance to update their explicit, prospective beliefs 
about their related abilities.

METHODS: EXPERIMENT 2
PARTICIPANTS

This experiment had a non-overlapping sample to Experiment 1 and the same eligibility (details 
on participant characteristics and recruitment sites in Supplementary Material). A total of NAN = 
40, Np-AN  = 40, and NHC = 121 participants were screened. Following exclusions (see Supplementary 
Material), the final sample consisted of NAN = 35, Np-AN  = 40, and NHC = 117 participants (see Tables 1 
and S8 for details on demographics and clinical characteristics).

BELIEF UPDATING TASK DESIGN AND MEASURES 

Building upon the findings of Experiment 1, in Experiment 2, we examined how these self-efficacy 
beliefs are updated prospectively, when participants had to estimate their cardiac interoceptive 
abilities about a future HCT performance. Therefore, Experiment 2 examined how AN and p-AN, 
compared to HC women, form and update Prospective Self-Efficacy Beliefs (see Figure 1 and 
below) about interoception before and after completing a modified version of the HCT (Schandry, 
1981). We used the measure of Performance as in Experiment 1, and three additional self-
efficacy measures, each with corresponding subjective confidence ratings. These measures 
included participants’ (1) Prior Prospective Self-Efficacy Beliefs (i.e., how well they think they will 
do on the HCT, as in Experiment 1), (2) Posterior Retrospective Self-Efficacy Beliefs (i.e., how well 
they think they performed on the task, as in Experiment 1), and (3) Posterior Prospective Self-
Efficacy Beliefs (i.e., how well they think they would do in the future in the HCT; these self-efficacy 
beliefs about performance, explicitly sampled here for the first time, are identical to the sampled 
Prior Prospective Self-Efficacy Beliefs in that they require the participant to assess their future 
performance abilities) and hence allow us to examine how such prospective, global beliefs are 
updated after performance and local and global retrospective beliefs are generated; Figure 1). The 
Posterior Prospective Self-Efficacy Belief was the average of two scores: the first was a prospective 
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rating of how well participants thought they would do if the four trials they had just completed 
were of half the duration in the future, while the second one asked them to rate how well they 
would do if the trials were of double the duration. In Experiment 2 participants did not receive 
arbitrary false feedback (as they did in Experiment 1) and thus we did not obtain a measure of Post 
False-Feedback Retrospective Self-Efficacy Beliefs. We also introduced various control measures 
(see below).

PRIMARY HYPOTHESES, MEASURES AND ANALYSES

1. Behavioural

After Experiment 1, we examined why AN patients struggle to update their ‘pessimistic’ prospective 
self-efficacy beliefs despite a comparable performance to HCs on formal interoceptive tasks. 
Thus, the updating of these prospective, self-efficacy beliefs was the main measure of interest 
in Experiment 2 and the primary focus of our computational modelling analyses (see below). As 
preregistered, we predicted that AN and p-AN participants would have lower Posterior Prospective 
Self-Efficacy Beliefs than HCs, despite predicting that we would find no evidence of group 
differences on Performance (as in Experiment 1).

To examine Group differences in Performance (calculated using the aforementioned Performance 
score transformation; see equation (1); Schandry, 1981), we ran a preregistered multilevel model 
analysis (MLM). As preregistered, we also controlled for knowledge about heartbeats, time 

Table 1 Participant 
Demographics and 
Characteristics for Experiment 2.

N.B. Dashes indicate measure 
not taken. Heartbeats – 
Self*, and -Other* refer to 
participants’ estimation of their 
own resting heart rate, and 
their estimation of the average 
resting heart rate in the general 
population (beats per minute 
(bpm), respectively). Heartbeats 
at Rest refer to participants’ 
actual average bpm when 
at rest.  Abbreviations: AN 
(Anorexia Nervosa); p-AN 
(post-acute Anorexia Nervosa); 
HC (Healthy Control); WCST 
(Wisconsin Card Sorting 
Task); EDE-Q (Eating Disorder 
Examination Questionnaire); 
EDI-3 (Eating Disorders 
Inventory 3); OCI-R (Obsessive 
Compulsive Inventory Revised); 
IUS (Intolerance of Uncertainty 
Scale); DASS-21 (21-Item 
Depression, Anxiety and 
Stress Scale); TAS-20 (20-Item 
Toronto Alexithymia Scale). 
1Linear regressions were run 
to examine group differences, 
with HC as the intercept. As 
expected, we found between 
group differences on BMI and 
EDE-Q – such differences are 
axiomatic to our groups and 
consistent with our inclusion 
criteria. As we also observed 
expected group differences 
in psychometric traits, these 
were taken into account in our 
main analyses (see Results 
and Supplementary Material). 
We also found an unexpected 
group difference in age, and it 
was thus taken into account 
in our behavioural analyses 
on self-efficacy beliefs and 
Performance. Bolded values 
denote statistical significance 
(p < 0.05).

AN p-AN HC TEST STATISTIC [β, (SE)], P1

MEAN (SD) MEAN (SD) MEAN (SD) AN VS HC p-AN vs HC

N 35 40 117 – –

Age 22(6.19) 26.51(7.24) 24.67(5.76) –2.61(1.19), 0.029 1.84(1.13), 0.105

BMI 16.13(1.61) 19.93(1.82) 20.48(4.77) –4.35(0.93), <0.001 –0.54(1.05), 0.604

Illness Duration 
(years)

5.85(6.39) 7.29(6.57) – – –

Heartbeats – Self* 65.94(18.72) 67.46(18.28) 68.94(31.89) –3.00(–1.48), 0.684 –1.48(6.52), 0.820

Heartbeats at Rest* 69.29(11.91) 71.26(9.44) 73.03(9.32) –3.74(3.08), 0.227 –1.77(2.34), 0.450

Heartbeats – Other* 60.11(17.8) 65.68(16.76) 68.72(30.08) –8.60(5.00), 0.087 –3.03(4.85), 0.533

WCST – Percentage 
Correct

69.18(14.66) 74.45 (14.85) 72.76(15.16) –3.58(4.89), 0.465 1.69(3.82), 0.658

WCST – Percentage 
Preservative

33.95(8.84) 30.76(10.1) 29.59(10.69) 4.35(3.38), 0.201 1.16(2.70), 0.668

EDE-Q Total 1.62(1.42) 1.44(1.58) 1.08(1.07) 0.55(0.24), 0.026 0.37(0.23), 0.116

EDI-3 Interoceptive 
Deficits

14(9.19) 13.16(10.15) 9.5(9.35) 4.50(1.85), 0.016 3.66(1.77), 0.040

OCI-R Total 1.32(0.79) 1.13(0.75) 0.81(0.62) 0.051(0.13), 0.001 0.32(0.13), 0.013

IUS-12 Total 39.53(12.23) 34.82(12.08) 27.04(9.36) 12.49(2.05), <0.001 7.77(1.96), 0.001

DASS-21 Depression 20.26(12.92) 14.00(13.4) 6.94(7.01) 13.32(2.19), <0.001 7.06(2.61), 0.008

DASS-21 Anxiety 13.13(9.96) 11.87(9.43) 6.92(6.55) 6.21(1.81), 0.001 4.95(2.15), 0.023

DASS-21 Stress 22.87(11.49) 21.20(10.92) 11.13(8.67) 11.74(2.25), <0.001 10.07(2.68), <0.001

TAS-20 Total 56.03(14.25) 47.79(13.87) 42.24(10.79) 13.79(2.36), <0.001 5.55(2.26), 0.015



99Saramandi et al.  
Computational Psychiatry  
DOI: 10.5334/cpsy.109

estimation abilities, HRV and BMI, given criticisms of the effects of these aforementioned factors 
on Performance (Brener & Ring, 2016; Knapp-Kline & Kline, 2005; Richard et al., 2019; details in 
Supplementary Material).

In addition to a frequentist approach, we supplemented our analysis with a preregistered Bayesian 
analysis, which presents the ratio of the likelihood of the alternative hypothesis relative to the 
likelihood of the null hypothesis. A Bayes Factor (BF10) > 3 indicates evidence for the alternative 
hypothesis, whereas a BF10 < 3 indicates evidence for the null hypothesis. A BF10 between 0.3 and 3 
indicates an inconclusive result which is not in favour of either hypothesis (Carey et al., 2021; Kass 
& Raftery, 1995).

Next, we tested between-group differences in self-efficacy beliefs after completing the HCT. 
To do this, and as preregistered, we assessed the effect of Group on Posterior Prospective Self-
Efficacy Beliefs, using Age as a control variable, and Study Site as a random effect (given our 
multi-site testing, see Supplementary Material). In preregistered, exploratory analyses we tested 
whether differences in traits and behaviours often seen in the AN population and found in the 
present study (e.g., depression, and anxiety; Table 1), explained the group differences in self-
efficacy beliefs (details in Supplementary Material, see Figures S1 and S2, and Table S11). The 
analyses were conducted following the Baron and Kenny (1986) mediation analysis steps, as 
outlined in detail in the Supplementary Material. In non-preregistered analyses we explored the 
role of set-shifting difficulties, as measured via the Wisconsin Card Sorting Test (WCST; Grant 
& Berg, 1948; results in Supplementary Material), on Posterior Prospective Self-Efficacy Beliefs. 
The WCST is used to assess cognitive flexibility and set-shifting: individuals need to categorise 
response cards based on different, shifting criteria,  e.g., colour and shape (Kopp et al., 2021; 
Westwood et al., 2016).

2. Computational Modelling

The behavioural analyses were complemented with preregistered modelling analyses to account 
for the role of the nested nature of prior prospective and retrospective beliefs in the updating 
of such posterior prospective beliefs (see Introduction) and other parameters such as precision 
and learning rate. We first examined which model best predicted our key measure (Posterior 
Prospective Self-Efficacy Beliefs) by constructing and comparing between models that included 
the scores of different proxy-measures for evidence and for the precision of this evidence. We 
then compared how the winning model predicted our groups’ actual posterior prospective beliefs. 
Furthermore, we examined our clinical groups’ learning rate (using the winning model’s measures 
of ‘precision of prior beliefs’ and ‘precision of evidence’; see below), expecting it to be lower than 
the HCs’ when controlling for more general mental flexibility deficits. In a preregistered analysis, 
we then compared the learning rates expected by the equations of the winning model against the 
actual learning rates performed by the groups (i.e., absolute difference between the actual and 
precision-weighted learning rates) to assess if there are statistically significant group differences. 

Figure 1 Trial Timeline for 
the Heartbeat Counting 
Task. The trial timeline 
shows the flow of the main 
Heartbeat Counting Task and 
the additional measures of 
Experiment 2, including our 
main experimental target: the 
updating of prospective self-
efficacy (metacognitive) beliefs 
about heartbeat counting after 
trying out a heartbeat counting 
task and forming explicit 
retrospective beliefs about 
one’s performance. Specifically, 
we asked participants to tell 
us how well they think they 
would do if we gave them half 
the time, and then separately 
if we gave them double the 
time to complete the task. 
These questions allowed us 
to see how our participants 
used what they had observed 
and explicitly reported during 
the task (retrospective, 
metacognitive beliefs about 
their performance) to form self-
efficacy beliefs that they could 
apply prospectively in a varied 
context.
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Therefore, we were able to examine the Bayesian optimality of our groups’ learning rates based 
on the assumption – under a Bayesian belief updating mechanism – that an actual learning rate 
closer to the precision-weighted learning rate (where the latter describes the relative importance 
of evidence versus prior beliefs) is suggestive of a more Bayesian optimal learning (see below).

Specifically, we computed a posterior self-efficacy belief (mq|y) using a generic Bayesian equation 
for belief updating when receiving new information (or, evidence) under a Gaussian model with 
conjugate prior (Friston, 2017; Mathys et al., 2014; Kirsch et al., 2021)
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where, mq|y was the posterior self-efficacy belief, mq was the prior prospective self-efficacy belief, 
y was the evidence (different measures per model; see below), pq was the proxy for the precision 
of the prior prospective self-efficacy belief, and pe was the proxy for the precision of the evidence 
(different measures per model; see below). Specifically, this equation allowed us to create a set 
of four target models to examine our hypotheses (see Supplementary Material Table S16 for full 
model description; and see Figures S7–S9 for model description and validation). For all four models 
we used participants’ Prior Prospective Self-Efficacy Beliefs as the prior (mq), and respective Prior 
Prospective Confidence estimates as a precision proxy of the prior (pq). These models differed in the 
measures that were used as evidence (y; Performance versus Posterior Retrospective Self-Efficacy 
Beliefs) and as evidence precision proxies (pq; Performance Confidence versus EDI-3-ID; Garner, 
2004; the EDI-3-ID scores were rescaled as a success percentage rate to maintain consistency 
with the scoring of the other measures, e.g., Performance Confidence and Performance). For 
each model, we computed the Learning Rate (λ; also known as the Bayesian precision ratio) per 
participant: 
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We also created two sets of baseline models (to validate our target models); the first two models 
assumed a perfect learning rate (λ =1, the participant uses the evidence as their posterior belief) 
and the third model assumed no learning (λ = 0, the participant uses the prior as their posterior 
belief). These baseline models were created as validation for the four main models, representing 
the boundary/extreme cases of learning rates being 1, or 0, instead of being modelled using the 
precision proxies for the prior and the evidence. They are presented in full in the Supplementary 
Material (Table S17). 

For all the models we computed the Bayesian Information Criterion (BIC) and Mean Absolute Error 
(MAE) to measure model fit. As preregistered, we initially examined which variable was the best 
measure of evidence, in the HCs only, by comparing the fit of the model that used Performance 
Confidence as an evidence precision proxy and ‘Posterior Retrospective Self-Efficacy Beliefs’ as 
evidence with the alternative learning model that used the same precision proxy but Performance 
as evidence, predicting that the former model would show a better fit than the alternative learning 
model, particularly in the HCs (Prediction A). We repeated this across groups, and within each 
clinical group separately and in a non-preregistered analysis we explored the winning model’s 
validity (details in Supplementary Material and Table S18a). 

For the measure of evidence which was associated with the best model fit from the previous 
analyses, we performed a preregistered further modelling step wherein we examined whether 
subjective confidence ratings (Performance Confidence) or trait measures of interoceptive sensibility 
(EDI-3-ID; Garner, 2004) when used as precision proxies, best captured our groups’ belief updating, 
expecting the clinical groups to be more influenced by the trait measures than HCs (Prediction B). 
We also complemented this precision-proxy comparison with two non-preregistered analyses to 
explore the winning model’s validity (details in Supplementary Material and Table S18b). 
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Next, we examined the between-group differences on precision-weighted Learning Rates. 
Assuming that the Bayesian Model of choice is a representation of actual learning, then a higher 
Learning Rate would suggest that participants consider the Prediction Error to a greater degree 
when updating their beliefs. We calculated one precision-weighted Learning Rate per precision 
proxy and looked at group differences in two separate analyses, expecting the clinical groups’ 
Learning Rates to be lower and less Bayesian optimal (i.e., greater absolute difference between 
participants’ actual and precision-weighted Learning Rates) than the HCs’ (preregistered Prediction 
C). Actual Learning Rates (λActual) were calculated using the following equation: λActual = (mq|y–mq)/(y–
mq), (4) where mq|y represents participants’ Posterior Prospective Self-Efficacy Beliefs, mq represents 
participants’ Prior Prospective Self-Efficacy Beliefs, and y represents participants’ Posterior 
Retrospective Self-Efficacy Beliefs. Given the effect of Depression and Stress on self-efficacy beliefs 
(see behavioural results), in non-preregistered analyses we explored whether Depression and 
Stress scores mediated participants’ precision-weighted Learning Rates. 

Finally, as preregistered, we examined group differences on actual Learning Rates, also expecting 
the Learning Rates of the clinical groups to be lower than those of the HCs (Prediction D; results 
from this analysis are presented in full in the Supplementary Material, Table S20). 

EXPERIMENTAL MATERIALS AND PROCEDURE

Following baseline and demographic assessments (see below), participants were given an Empatica 
E4 watch (a medical-grade wearable device that records real-time physiological data; Empatica 
Srl, Italy; see https://www.empatica.com/research/e4/) to wear on their left wrist. The rest of the 
procedures were identical to those described in Experiment 1 with the following exceptions. In 
addition to a 5-minute baseline recording of heart rate, we also obtained a recording of heart 
rate variability (HRV; used in Experiment 2 as control measures; see Table 1, Supplementary 
Material and Table S3). The HCT instructions were the same, but here we also added one more 
counting phase of 35s, and after participants reported how many heartbeats they felt they also 
provided a confidence estimate (ranging from 0, not at all confident to 100, extremely confident) 
on the accuracy of each response (hereafter referred to as Performance Confidence). Participants 
also completed a time-estimation task before completing the heartbeat counting trials; they 
silently counted seconds until prompted to stop and then verbally reported how many seconds 
they counted (used in control analyses; see Supplementary Material). The duration of the time-
estimation trials matched that of the heartbeat counting trials and they were also presented in a 
random order between participants. 

At the end of the HCT participants reported how many heartbeats they think they typically have 
when at rest, and the general population average (per minute). The answers were used in control 
analyses (see Supplementary Material). Participants were not given any feedback on trial length or 
performance at any point. Finally, participants completed a series of psychometric questionnaires 
and cognitive flexibility task (see Supplementary Material) and were fully debriefed at the end.

RESULTS: EXPERIMENT 2
PRIMARY HYPOTHESES RESULTS

HCT Performance did not differ significantly between our three groups

As predicted, the frequentist analysis did not yield a significant result (Figure 2; Table 2) on group 
differences in Performance. Moreover, the Bayes Factor analysis suggested that there is moderate 
evidence for equivalence regarding our groups’ Performance (BF10 = 0.28), indicating that as tested 
here, the AN and p-AN groups did not perform differently than HCs. We then ran preregistered 
control analyses to account for potential confounding variables and the pattern of results remained 
the same (see Supplementary Material and Table S10). 

https://www.empatica.com/research/e4/
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UPDATING PROSPECTIVE BELIEFS: BEHAVIOURAL AND COMPUTATIONAL 
ANALYSIS

AN participants gave significantly lower Posterior Prospective Self-Efficacy Beliefs compared to 
HCs, and the same effect was present as a statistical trend in the p-AN group (Figure 3; Table 3). 
That is, both clinical groups expected, on average, to perform worse in a future HCT with half or 
double the available time, compared to HCs. To further examine what explained this observed 
‘pessimism’ in our clinical groups, we examined the potentially mediating effect of comorbid traits 
and behaviours (using all the variables in which we found a significant group difference in Table 1). 

Only depression and stress, as measured via the Depression, Anxiety and Stress Scale (DASS-21; 
Lovibond & Lovibond, 1995) explained the clinical populations’ pessimistic Posterior Prospective 
Self-Efficacy Beliefs (see Supplementary Material and Table S11a for details and see follow-up, 
exploratory analyses below). We also explored whether a more general set-shifting difficulty could 
have explained the pessimistic beliefs of the clinical groups (in comparison to the HCs’) but found 
no significant effect of the WCST performance on Posterior Prospective Self-Efficacy Beliefs (Table 
S11b). We then examined, via computational modelling, the parameters which could affect the 
formation of these posterior prospective beliefs.

Figure 2 Average Performance 
Scores at the heartbeat 
counting task (IAcc) per 
group. N.B. We note the 
overall average Performance 
(IAcc) scores of our sample 
are lower than the average 
scores typically observed in 
other studies with both healthy 
and clinical populations (e.g., 
Desmedt et al., 2018; Kinnaird 
et al., 2020; Koreki et al., 2021), 
though it should be noted 
that they still fall within the 
spectrum of average IAcc scores 
observed when participants 
are encouraged to report 
only number of actually felt 
heartbeats and not estimates 
(e.g., Desmedt et al., 2018).

PREDICTORS β(SE) t 95% CI p

(Intercept) 50.05(9.00) 5.56 32.41 – 67.70 <0.001

AN 2.12(5.72) 0.37 –9.08 – 13.32 0.711

p-AN 0.36(5.51) 0.07 –10.43 – 11.14 0.947

AGE –0.38(0.33) –1.16 –1.04 – 0.27 0.248

Random Effects

σ2 227.25

τ00 ID 678.62

τ00 STUDY_SITE 30.48

ICC 0.76

NID 185

NSTUDY_SITE 4

Observations 672

Marginal R2/Conditional R2 0.008/0.759    

Table 2 Analysis for Group 
Differences on Performance, 
with Age as the Control Variable 
and Participant ID and Study 
Site as Random Effects.

N.B. Bolded values denote 
statistical significance.
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COMPUTATIONAL MODELLING

Identifying the best measure of evidence (Preregistered Prediction A) 

Firstly, we examined which model showed a better fit in HCs by comparing between two models 
that both used Performance Confidence as a precision proxy but differed in that Performance 
versus Posterior Retrospective Self-Efficacy Beliefs were used as alternative measures of evidence 
(Figure 4, Models 2.1 and 2.2). Model 2.2 was the winning model in HCs, but also across groups, 
and in each clinical group (Figure 4; Models 1.2, 3.2 and 4.2; see Supplementary Material and Table 
S18 for a non-preregistered parameter validation analysis). 

Identifying the best measure for precision proxy of the evidence (Preregistered 
Prediction B) 

In a further modelling step, we examined which precision proxies best captured our groups’ 
belief updating when Posterior Retrospective Self-Efficacy Beliefs were used as the evidence 
(winning model from above) and found that the model which used EDI-3-ID as a precision 
proxy (vs. our other competing precision proxy; Performance Confidence) was our winning 
model (both across groups and within each group; Figure 4, models 1.4, 2.4, 3.4, and 4.4), 

PREDICTORS β(SE) t 95% CI p

(Intercept) 50.25(7.13) 7.05 36.27 – 64.23 <0.001

AN –10.31(4.56) –2.26 –19.26 – –1.37 0.024

p-AN –7.96(4.34) –1.83 –16.47 – 0.55 0.067

AGE –0.05(0.27) –0.20 –0.59 – 0.48 0.841

Random Effects

σ2 500.37

τ00 STUDY_SITE 8.85

ICC 0.02

NSTUDY_SITE 4

Observations 189

Marginal R2/
Conditional R2

0.038/0.053    

Table 3 Analysis for Group 
Differences on Posterior 
Prospective Self-Efficacy Beliefs, 
with Age as the Control Variable 
and Study Site as Random 
Effect.

N.B. Bolded values denote 
statistical significance.

Figure 3 Average of Posterior 
Prospective Self-Efficacy Beliefs 
per group.
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as predicted (see Supplementary Material and Table S18b for non-preregistered parameter 
validation analysis). 

Group differences on precision-weighted Learning Rates and Bayesian Optimality with 
winning precision proxy of evidence (Preregistered Prediction C) and with the alternate 
precision proxy of evidence 

Finally, for prediction C, we performed two further steps. Firstly, we looked at between-group 
differences in the precision-weighted Learning Rates (for both precision proxies of the evidence, 
given the inconclusive results of prediction B, but we Holm-corrected the p values due to the 
multiple comparisons). Secondly, we looked whether the Bayesian optimality of this rate, differed 
between groups, by assessing the absolute difference between our groups’ actual and precision-
weighted Learning Rates  (|λActual–λ|). Specifically, we ran two separate linear regressions to explore 
the Group effect on the precision-weighted Learning Rate. When using Performance Confidence as 
an evidence precision proxy to compute participants’ Learning Rates, we found that AN participants 
but not p-AN had a significantly lower Learning Rate than HCs (Table 4a; Prediction C). We found 
no significant between-group differences on Learning Rates when using EDI-3-ID as a precision 
proxy (Table 4a). We then ran two separate linear regressions to examine the optimality of the 
groups’ Learning Rates (calculated as the absolute difference between their actual and precision-
weighted Learning Rates). However, when examining how the actual learning rates approximated 
the precision-weighted Learning Rate (with Performance Confidence as the precision proxy of the 
evidence), we did not find a significant difference (Table 4b). This result suggests that while we 
have significant group differences on precision-weighted Learning Rates, we cannot suggest that 
the learning rate mechanism of the AN patients is less Bayesian optimal than that of the HCs.  

Exploring the Role of Depression and Stress

Given the effects of Depression and Stress on the clinical groups’ Posterior Prospective Self-Efficacy 
Beliefs (see Supplementary Material and Table S11) as well as the group differences on these 
psychometric trait measures (step 1 of the mediation analysis; see results in Table 1 and mediation 
analysis steps in the Supplementary Material), in non-preregistered analyses we explored whether 
Depression and Stress also explained the difference between the AN and HC groups’ precision-
weighted Learning Rates (when using Performance Confidence as an evidence precision proxy). 
First, we ran a linear regression using Depression and Stress as predictor variables (step 2 of the 

Figure 4 Main model 
comparison. MAE (Mean 
Absolute Error) and BIC 
(Bayesian Information Criterion) 
are two measures used to 
examine model fit, with smaller 
values suggesting better 
model fit. Panel A shows the 
model comparison across all 
participants (N = 183). Panel B 
shows the model comparison in 
the healthy control group only 
(NHC = 114). Panel C shows the 
model comparison in the acute 
Anorexia Nervosa group only 
(NAN = 34). Panel D shows the 
model comparison in the post-
acute Anorexia Nervosa group 
only (Np-AN = 35).
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mediation analysis; see Supplementary Material): Learning Rate lowered as Depression and Stress 
scores increased (Table 4c). We then explored whether Depression and Stress explained the group 
effect (step 3 of the mediation analysis; see Supplementary Material): we found a non-significant 
trend of Depression and a significant effect of Stress on Learning Rates, which would explain 
the difference between the AN and HC groups’ Learning Rates. We complemented with Holm-
corrected linear regressions on the AN and p-AN groups separately, using Depression and Stress 
scores as predictors to examine trait and state effects. Higher Depression scores significantly 
influenced the p-AN group’s Learning Rates. Although we found a non-significant effect on the 
AN group, we suggest this is due to the already high Depression scores within the entire sample 
(same as in the self-efficacy beliefs) which we discuss in detail in the Discussion. Next, given 
that the precision-weighted Learning Rates were computed using Performance Confidence as a 
precision proxy of evidence and that the AN group had a lower Performance Confidence than HCs 
(Table S15b), we also examined whether Depression and Stress mediated the group differences 
on Performance Confidence. Higher Depression and Stress scores explained lower Performance 
Confidence Estimates. This suggests that as the uncertainty on the evidence increases, there is 
less evidence- and more prior-weighting, explaining the observed lower Learning Rate of the AN 
group in comparison to that of HCs. For control purposes we examined whether these findings 
also applied when looking at the effects of Depression and Stress on the actual Learning Rates 
and not only on the modelled, precision-weighted Learning Rates, but we found a non-significant 
trend of Depression scores on actual Learning Rates, and no significant effect of Stress. Although 
Depression and Stress influenced the precision-weighted Learning Rates, they did not significantly 
influence the Learning Rates’ Bayesian optimality (Table 4c).

4a: Precision-Weighted Learning Rate Comparisons

Learning Rate with Performance Confidence as a Precision Proxy  

Predictors β(SE) t 95% CI p

Intercept 0.47(0.01) 31.53 0.44 – 0.50 <0.001

AN –0.09(0.03) –2.78 –0.15 – –0.02 0.012

p-AN –0.02(0.03) –0.76 –0.08 – –0.04 0.446

Learning Rate with EDI-3-ID as a 
Precision Proxy 

    

Intercept 0.52(0.02) 33.53 0.49 – 0.55 <0.001

AN –0.03(0.03) –0.93 –0.09 – 0.03 0.704

p-AN –0.01(0.03) –0.41 –0.07 – 0.05 0.704

4b: Comparisons to Examine the Bayesian Optimality of the Precision-Weighted Learning rates  

Absolute Difference Between Actual Learning Rate and Learning Rate 1*

(Intercept) 0.59(0.05) 11.07 0.49 – 0.70 <0.001

AN 0.16(0.12) 1.42 –0.06 – 0.39 0.159

p-AN –0.01(0.11) –0.07 –0.22 – 0.21 0.946

Absolute Difference Between Actual Learning Rate and Learning Rate 2*

(Intercept) 0.57(0.05) 10.80 0.47 – 0.68 <0.001

AN 0.12(0.12) 1.03 –0.11 – 0.35 0.306

p-AN –0.03(0.11) –0.23 –0.24 – 0.19 0.817

Table 4 Main output of 
Bayesian Belief Updating 
Analyses for Experiment 2.

N.B. Bolded values denote 
statistical significance (p < 
0.05). * Learning Rate 1 refers 
to the precision-weighted 
learning rate with Performance 
Confidence as a proxy for 
precision of the evidence; 
Learning Rate 2 refers to the 
precision-weighted learning 
rate with EDI-3-ID as a proxy 
for precision of the evidence. 

**Here we only examined the 
role of Depression and Stress 
on the precision-weighted 
Learning Rates which used 
Performance Confidence as 
a precision proxy of evidence, 
given that we only found 
significant group differences 
on these learning rates and 
not the ones computed using 
EDI-3-ID as a precision proxy of 
evidence.

(Contd.)
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4c. Mediation Analyses to Explore the Role of Depression and Stress on Learning Rates**

Analysis on (precision-weighted) Learning Rates using Depression and Stress as the Predictors (Mediation 
Analysis Step 2)

(Intercept) 0.45(0.01) 33.32 0.42 – 0.47 <0.001

Depression –0.03(0.01) –2.62 –0.06 – –0.01 0.010

Stress –0.05(0.01) –3.85 –0.08 – –0.03 <0.001

Analysis on (precision-weighted) Learning Rates using Group, Depression and Stress as the Predictors 
(Mediation Analysis Step 3)

(Intercept) 0.46(0.02) 27.28 0.43 – 0.50 <0.001

AN –0.07(0.04) –1.88 –0.14 – 0.00 0.063

p-AN –0.05(0.04) 1.15 –0.13 – 0.04 0.252

Depression 0.03(0.01) –1.81 –0.05 – 0.00 0.073

Stress –0.04(0.01) –3.08 –0.07 – –0.02 0.003

Holm-corrected analysis on (precision-weighted) Learning Rates of the AN group using Depression and 
Stress as the Predictors 

(Intercept) 0.38(0.05) 7.02 0.27 – 0.50 <0.001

Depression –0.00(0.04) –0.09 –0.08 – 0.08 0.933

Stress –0.06(0.04) –1.25 –0.15 – 0.04 0.675

Holm-corrected analysis on (precision-weighted) Learning Rates of the p-AN group using Depression and 
Stress as the Predictors

(Intercept) 0.38(0.03) 11.04 0.30 – 0.45 <0.001

Depression –0.09(0.03) –3.32 –0.14 – –0.03 0.024

Stress 0.04(0.04) 0.95 –0.05 – 0.12 0.362

Analysis on Performance Confidence using Depression and Stress as the Predictors (Mediation Analysis Step 2)

(Intercept) 53.43(2.12) 25.21 49.23 – 57.63 <0.001

Depression –5.98(2.08) –2.08 –10.10 – –1.87 0.005

Stress –6.78(2.13) 2.13 –10.99 – –2.56 0.002

Analysis on Performance Confidence using Group, Depression and Stress as the Predictors (Mediation 
Analysis Step 3)

(Intercept) 56.45(2.60) 21.68 51.30 – 61.51 <0.001

AN –8.72(5.94) –1.47 –20.49 – 3.05 0.145

p-AN –11.39(6.72) –1.69 –24.70 – 1.93 0.093

Depression –4.81(2.20) –2.19 –9.16 – –0.45 0.031

Stress –5.35(2.23) –2.40 –9.76 – –0.94 0.018

Analysis on actual Learning Rates using Depression and Stress as the Predictors (Mediation Analysis Step 2)

(Intercept) 0.71(0.07) 10.76 0.58 – 0.84 <0.001

Depression –0.12(0.06) –1.83 –0.25 – 0.01 0.070

Stress 0.06(0.07) 0.88 –0.08 – 0.20 0.379

Analysis on the absolute difference between actual and precision-weighted Learning Rates 
using Depression and Stress as Predictors (Mediation Analysis Step 2)

(Intercept) 0.60(0.05) 11.05 0.49 – 0.71 <0.001

Depression 0.06(0.05) 1.19 –0.04 – 0.17 0.238

Stress –0.05(0.06) –0.95 –0.17 – 0.06 0.347
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GENERAL DISCUSSION
We examined how patients in the acute and post-acute anorexia nervosa phase (AN and p-AN, 
respectively), compared to HCs update their self-efficacy beliefs about their heartbeat counting 
abilities.  In Experiment 1, AN patients showed lower self-efficacy beliefs than HCs before 
(prospectively) and after the task (retrospectively), despite performing comparably to HCs. Our 
preregistered Experiment 2 aimed to examine specifically how such pessimistic prospective beliefs 
are formed and maintained. As predicted, although AN patients performed comparably to HCs, 
they were more pessimistic than HCs when asked how they would do in a similar task in the 
future. Furthermore, computational analyses, revealed that AN patients seem to rely more on 
their pessimistic retrospective beliefs about interoceptive performance rather than their actual 
performance when updating their beliefs prospectively. AN patients also show low confidence in 
the accuracy of their performance, which when accounted for reveals a smaller learning rate in 
AN patients than controls, indicating that they make less use of prediction errors. Interestingly, 
the critical parameters revealed by our computational analyses were associated more with mood 
than with cognitive traits. 

As expected, our groups did not perform differently to each other in the actual HCT (also supported 
by Bayesian equivalence testing) in either experiment (and in line with most studies of similar 
populations using the HCT; e.g., Kinnaird et al., 2020; Lutz et al., 2019; Fischer et al., 2016; although 
contrary findings also exist, e.g., Pollatos et al., 2008, 2016). Study discrepancies may stem from 
the HCT’s noted low validity and reliability and its confounds (Brener & Ring, 2016; Desmedt et 
al., 2018, 2020, 2022; Legrand et al., 2022). For example, performance (interoceptive accuracy) 
may differ depending on task demands, time estimation abilities and heartbeat knowledge. 
Here, control analyses on this confounding variables (see Supplementary Material) suggest these 
factors are unlikely to have influenced Performance in our sample (in line with Ferentzi et al., 
2022). Sampling differences (e.g., comorbidities, treatment type, illness stage; Fischer et al., 2016; 
Pollatos et al., 2008; Richard et al., 2019) could also account for the between-study differences 
on interoceptive accuracy. For example, here we only included individuals who met restrictive AN 
criteria and had no other ED diagnosis (American Psychiatric Association, 2013), unlike others. 
Notwithstanding heterogeneity in treatment stage and type, BMI and clinical profiles did not 
affect our findings (see Supplementary Material), suggesting that these factors were unlikely 
to have influenced our sample’s Performance. Despite controlling for some of the possible task 
confounds, future studies on interoceptive metacognition in AN could use the more recently 
developed tasks to capture interoceptive accuracy (see Desmedt et al., 2023; Garfinkel et al., 
2022; Harrison et al., 2021; Legrand et al., 2022; Palmer et al., 2019; Plans et al., 2021), or use 
pharmacological (Khalsa et al., 2009, 2015) or behavioural (Fitz-Clarke, 2007; Smith, Feinstein et 
al., 2021) heart rate manipulations to increase the signal strength. We note however, that as our 
emphasis here was on testing explicit belief updating and not interoceptive accuracy per se, the 
HCT has the advantage of good patient acceptability and was easily understood as a brief task 
that one can have meaningful self-efficacy beliefs about. These self-efficacy beliefs were focused 
on participants’ interoceptive abilities (i.e., ‘How well will you feel your heartbeat’), rather than self-
efficacy beliefs about everyday scenarios as typically assessed via questionnaires (e.g., “If I am in 
trouble I can usually think of a solution”; General Self-Efficacy Scale; Schwarzer & Jerusalem, 1995).

A key finding here is that AN patients (and p-AN patients at trend levels) do not seem to place 
sufficient emphasis on their performance when forming prospective self-efficacy beliefs. Hitherto, 
questionnaire studies consistently reveal that AN patients are characterised by higher levels of 
worry, rumination, and other maladaptive, metacognitive beliefs (e.g., Berman, 2006; Davenport 
et al., 2015; Palmieri et al., 2021), but these studies have not examined beliefs about interoceptive 
accuracy, or the various interwoven parameters that may underlie these beliefs, as done in 
our computational modelling. Moreover, we demonstrated that our experimental measure of 
‘Posterior Prospective Self-Efficacy Beliefs’ was associated with beliefs about everyday life, such 
as fear of gaining weight, and less hope for symptom improvement. These findings suggest that 
our task had good ecological validity and examining computationally the various parameters that 
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influence such beliefs in our task could provide insights regarding patients’ everyday negative 
metacognitive beliefs about interoception.

Specifically, our study leads to three main insights regarding such beliefs. First, AN patients’ 
updating of explicit, prospective beliefs was influenced more by “pessimistic” (i.e., lower) global 
retrospective beliefs about such performance (e.g., how accurate one thought they were after 
the task ends) rather than the perceptual performance itself (e.g., how accurate one was), as 
detailed below. Specifically, model comparisons revealed that retrospective beliefs were better 
at predicting posterior prospective beliefs than performance, with the winning model (the one 
using retrospective beliefs as evidence) being better at predicting the posterior prospective beliefs 
of the HCs than those of our clinical populations. This observation was also supported by poorer 
retrospective, interoceptive awareness (as indexed by the Interoceptive Trait Prediction Error 
(ITPE) z-score analyses; see Supplementary Material) in the clinical groups, compared to HCs 
who evaluated their performance as better than it was. Moreover, the AN had lower Performance 
Confidence than HCs, and combined with lower, explicit global retrospective beliefs about 
performance, this suggests that AN patients struggle more than HCs in incorporating new evidence 
(from the HCT) to update beliefs retrospectively. This pattern of findings suggests that irrespective 
of any individual differences in interoceptive accuracy per se, AN patients may face difficulties in 
drawing metacognitive conclusions about their cardiac interoceptive performance retrospectively.

Moreover, these retrospective metacognition difficulties appear to extend to prospective 
metacognition. Specifically, when participants needed to then use such retrospective beliefs to 
update their self-efficacy prospectively, AN patients showed lower precision-weighted Learning 
Rates (with Performance Confidence as a precision proxy of evidence) than HCs, suggesting 
that patients consider the ‘evidence’ (here, Posterior Retrospective Self-Efficacy Beliefs) less 
than HCs when updating such beliefs. Consequently, it is plausible that AN patients rely more 
on prior prospective beliefs regarding their cardiac interoceptive abilities, and this ultimately 
influences their explicit, global (posterior) prospective beliefs. Therefore, neither local evidence 
from performance, nor retrospective beliefs following that performance (that themselves were 
poorly updated by prediction errors, and hence may be hard to target therapeutically) seem to 
be sufficient to counter and update pessimistic, self-efficacy beliefs in AN. Instead, it may be the 
‘precision-based’, mechanism of belief updating itself that requires therapeutic targeting. Indeed, 
it has been previously hypothesised in two, transdiagnostic studies (Lavalley et al., 2023; Smith, 
Kirlic, et al., 2021; see Introduction) that an inappropriate weighting of prior beliefs versus new 
evidence, especially regarding interoception, may lead to the manifestation of several psychiatric 
symptoms (Barca & Pezzulo, 2020; Barrett & Simmons, 2015; Owens et al., 2018; Paulus et al., 
2019; Petzschner et al., 2017). Indeed, while pessimistic estimates about interoceptive abilities 
have been documented by existing studies on an anticipatory and perceptual level (e.g., Crucianelli 
et al., 2016, 2021; Khalsa et al., 2015; Lutz et al., 2019), few have envisioned faulty updating at 
metacognitive, and prospective cognition levels (e.g., Stephan et al., 2016).  

Second, we explored the potential role of other higher-order cognitive difficulties previously noted 
in AN, such as disruptions in mental flexibility, abstraction or set-shifting (Lang et al., 2014; Miles 
et al., 2020, 2022; Tchanturia et al., 2012), which could have explained the reduced belief updating 
in AN. However, we found that cognitive, set-shifting abilities as tested here by the Wisconsin 
Card Sorting Task (WCST) in a sample subset did not explain group differences in posterior beliefs 
or learning rates. Indeed, prior studies have shown that such domain general, ‘frontal’ functions 
cannot explain some of the delusionality in AN (see Konstantakopoulos et al., 2011; 2012 for 
delusional body image beliefs and insight correlates in AN; see also Introduction), and Experiment 
1 showed that AN patients can update their beliefs based on external (albeit random) feedback 
(see also Kube et al., 2022). Notwithstanding, our study did not systematically test belief updating 
across different modalities and thus no conclusions about the interoceptive or more general 
domain-specificity of our findings are warranted. 

Third, depression and stress scores predicted pessimism in self-efficacy beliefs, explaining why the 
clinical groups who notably had greater depression and stress levels also had more pessimistic 
Posterior Prospective Self-Efficacy Beliefs compared to HCs. Crucially, depression (but not stress) 
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significantly influenced the p-AN group’s (but not the AN’s) posterior self-efficacy beliefs (i.e., 
the more severe the depression, the more pessimistic the beliefs). The AN group was overall 
more pessimistic and had more severe depression and stress than the HCs, making it difficult to 
disentangle which of these factors is more predictive of their lower self-efficacy beliefs, but our 
results showed the overall effect of depression and stress across all groups. Depression, anxiety and 
stress are key comorbidities with EDs, including AN (Andrés-Pepiñá et al., 2020; Eskild-Jensen et 
al., 2020; Himmerich et al., 2019); our findings also support previously noted associations between 
depression, negative metacognitive thoughts, and ED symptoms (e.g., Cooper et al., 2007; Palomba 
et al., 2017; see Introduction). Notably, some research traditions could interpret these findings as 
though negative mood could ‘explain away’ the pessimistic beliefs about interoception, from a more 
transdiagnostic, computational psychiatry perspective, our study can elucidate the mechanisms 
by which depression and stress symptoms can influence belief updating (e.g., Aylward et al., 2020; 
Katyal et al., 2023; Kim et al., 2020; Rupprechter et al., 2018; Stankevicius et al., 2014). Specifically, 
we explored if and how these two traits explained the observed group effect on the precision-
weighted learning rates (when using Performance Confidence as a precision proxy of evidence). 
Interestingly, higher uncertainty on the precision of the evidence (as indexed by lower Performance 
Confidence estimates) was influenced by higher depression and stress scores, which in turn also 
explained the lower precision-weighted learning rates of the AN group compared to HCs, adding 
to previously found associations between local confidence and mood disorder symptom severity 
(Benwell et al., 2022; Rouault, Seow et al., 2018; Seow et al., 2021). Our findings, however, suggest 
that mood may relate to a dysfunctional precision-weighting mechanism extending beyond local 
metacognition to global, prospective beliefs about one’s performance. Moreover, interestingly, a 
recent theoretical framework has posited depression as a consequence of chronic dysregulation 
in interoception, suggesting a chronic low self-efficacy regarding homeostatic/allostatic control 
(Stephan et al., 2016). Although our study was cross-sectional and did not target interoceptive 
control specifically (i.e., we cannot characterise the hypothesised chronic mechanisms here), the 
association between depressive symptoms and pessimistic posterior beliefs of the p-AN group 
compared to controls (at trend-level), suggests that this dimension of illness may be an enduring 
AN trait, beyond the acute state. 

In addition to some of the aforementioned experimental methodology limitations, there were also 
clinical methodology limitations. Firstly, multi-site research is subject to between-site variability 
relating to different assessor, clinical, cultural, and practical restrictions. To address this, meticulous 
protocol translations and experimenter training were ensured, and study site as a random effect did 
not add significant variance or affect the main results. Moreover, the multi-site approach could be 
regarded as a strength of our study, in line with recent efforts for more representative and diverse 
samples (Naddaf, 2023).  Moreover, patient populations also had varying pharmacotherapy based 
on national guidelines, making standardised control for its effects beyond assessment via self-
report questionnaires and medical records impossible. However, future studies should consider 
controlling for the role of pharmacotherapy in belief updating, in line with evidence on the effects 
of neuromodulators (e.g., dopamine and serotonin) in prediction errors, active inference, and 
precision-weighting mechanisms (Auksztulewicz & Friston, 2016; Daw & Doya, 2006; Haarsma et 
al., 2021; Iglesias et al., 2013; Schultz et al., 1997).   Finally, the study focussed mostly on white 
women with AN due to the availability of these patients in the collaborating clinics. We suggest 
that future research should consider more diverse populations when studying interoception in AN, 
while accounting for the noted sex differences in AN diagnostic criteria, hormones and subsequent 
effect on interoception (e.g., Culbert et al., 2021; Gorrell & Murray, 2019; Grabauskaitė et al., 2017; 
Murphy et al., 2019; Suschinsky & Lalumière, 2012).

CONCLUSION
To conclude, we investigated explicit, interoceptive belief updating in AN, focussing on cardiac 
awareness and related, prospective self-efficacy beliefs using a computational Bayesian Learning 
Framework. Despite comparable HCT performance, AN participants failed to update their 
interoceptive, metacognitive self-efficacy beliefs after performance. Computational modelling 
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showed that neither local evidence from performance, nor retrospective beliefs following that 
performance (that themselves were suboptimally updated) seemed to be sufficient to counter 
and update pessimistic, self-efficacy beliefs in AN. AN patients showed lower learning rates than 
controls, revealing a tendency to base their posterior beliefs more on prior beliefs rather than 
prediction errors in both retrospective and prospective belief updating. These differences in both 
explicit beliefs, and the latent mechanisms of belief updating, were not explained by cognitive 
inflexibility, but by depression and stress measures, even after the acute AN phase. Our findings 
offer novel insights regarding clinically relevant, metacognitive belief updating difficulties about 
interoception in acute AN and their relation to depression and stress. However, future studies should 
aim to further explore belief updating across different modalities and domains, and in longitudinal 
designs, to draw conclusions regarding the specificity of these belief update difficulties. 
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	Exploratory regressions with psychometric traits and clinical characteristics (e.g., illness duration and severity) were run but these are presented in detail in the Supplementary Material (see Tables S5–S7) given that the purposes of Experiment 1 (also preprinted and available here: ; ) were to present our key results upon which we contextualised and based our preregistered Experiment 2.
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	MAIN EXPERIMENTAL MEASURES AND PROCEDURE
	Following baseline, demographic, and psychometric assessments (see below), participants wore the Polar heart rate monitor (model RS 800CX; see ; ) on their left wrist and the heart rate monitoring throughout the experiment was explained to them. Next, participants silently sat on a chair with their legs uncrossed and their wrist gently resting on the table in front of them to obtain a 5-min baseline recording of their heart rate (used in Experiment 1 as a control measure; see Supplementary Material, Tables 
	Emanuelsen et al., 2015
	Fischer et al., 2016

	Then, participants provided a Prior Prospective Self-Efficacy Belief estimate and proceeded to complete the HCT in the same, relaxed position, with their eyes open or closed (depending on what felt comfortable to them), as they were during the baseline heart rate measurement. Participants were asked to not attempt any physical manipulation to facilitate heartbeat detection and only report the number of heartbeats they actually felt rather than guess how many heartbeats they think they felt. Participants com
	RESULTS: EXPERIMENT 1
	The AN, but not p-AN group, significantly underestimated their performance abilities before completing the HCT as seen by their lower Prior Prospective Self-Efficacy Beliefs in comparison to those of the HCs (AN: β(SE) = –13.635(4.36), t = –3.23, p = .002, R = 0.06; p-AN: β(SE) = –4.12(4.50), t = –0.92, p = .362, R = 0.06). However, we found very small and non-significant differences between our clinical group’s Performance relative to the HCs (AN: β(SE) = 0.03(.04), t = .652, p = .516, R = –0.005; p-AN: β(
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	When assessing the influence of external feedback in performance evaluation, positive false feedback about one’s performance resulted in higher Post False-Feedback Self-Efficacy Beliefs, and the opposite was observed following negative false-feedback within each group separately (AN: β(SE) = 37.49(7.44), t = 5.036, p < .001, R = .346; p-AN: β(SE) = 33.50(5.96), t = 5.62, p < .001, R = 0.44; HC: β(SE) = 24.72(6.29), t = 3.93, p < .001, R = –0.26). Such external, social feedback (even false, as in this case) 
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	SUMMARY OF EXPERIMENT 1 RESULTS WHICH LED TO EXPERIMENT 2 AIMS AND DESIGN
	Broadly, our preliminary findings suggest that AN patients have low self-efficacy about their cardiac, interoceptive abilities before they even engage with a task (prospectively), and seem to not be updating their self-efficacy beliefs retrospectively, despite not finding evidence of Performance group differences. Instead, they somehow adhere to their prospective, self-efficacy beliefs. Based on these results, we enhanced our task and preregistered the following experimental and computational study to inves
	METHODS: EXPERIMENT 2
	PARTICIPANTS
	This experiment had a non-overlapping sample to Experiment 1 and the same eligibility (details on participant characteristics and recruitment sites in Supplementary Material). A total of N = 40, N = 40, and N = 121 participants were screened. Following exclusions (see Supplementary Material), the final sample consisted of N = 35, N = 40, and N = 117 participants (see  and S8 for details on demographics and clinical characteristics).
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	BELIEF UPDATING TASK DESIGN AND MEASURES 
	Building upon the findings of Experiment 1, in Experiment 2, we examined how these self-efficacy beliefs are updated prospectively, when participants had to estimate their cardiac interoceptive abilities about a future HCT performance. Therefore, Experiment 2 examined how AN and p-AN, compared to HC women, form and update Prospective Self-Efficacy Beliefs (see  and below) about interoception before and after completing a modified version of the HCT (). We used the measure of Performance as in Experiment 1, 
	Figure 1
	Schandry, 
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	PRIMARY HYPOTHESES, MEASURES AND ANALYSES
	1. Behavioural
	After Experiment 1, we examined why AN patients struggle to update their ‘pessimistic’ prospective self-efficacy beliefs despite a comparable performance to HCs on formal interoceptive tasks. Thus, the updating of these prospective, self-efficacy beliefs was the main measure of interest in Experiment 2 and the primary focus of our computational modelling analyses (see below). As preregistered, we predicted that AN and p-AN participants would have lower Posterior Prospective Self-Efficacy Beliefs than HCs, d
	To examine Group differences in Performance (calculated using the aforementioned Performance score transformation; see equation (1); ), we ran a preregistered multilevel model analysis (MLM). As preregistered, we also controlled for knowledge about heartbeats, time estimation abilities, HRV and BMI, given criticisms of the effects of these aforementioned factors on Performance (; ; ; details in Supplementary Material).
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	In addition to a frequentist approach, we supplemented our analysis with a preregistered Bayesian analysis, which presents the ratio of the likelihood of the alternative hypothesis relative to the likelihood of the null hypothesis. A Bayes Factor (BF) > 3 indicates evidence for the alternative hypothesis, whereas a BF < 3 indicates evidence for the null hypothesis. A BFbetween 0.3 and 3 indicates an inconclusive result which is not in favour of either hypothesis (; ).
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	Next, we tested between-group differences in self-efficacy beliefs after completing the HCT. To do this, and as preregistered, we assessed the effect of Group on Posterior Prospective Self-Efficacy Beliefs, using Age as a control variable, and Study Site as a random effect (given our multi-site testing, see Supplementary Material). In preregistered, exploratory analyses we tested whether differences in traits and behaviours often seen in the AN population and found in the present study (e.g., depression, an
	Table 1
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	2. Computational Modelling
	The behavioural analyses were complemented with preregistered modelling analyses to account for the role of the nested nature of prior prospective and retrospective beliefs in the updating of such posterior prospective beliefs (see Introduction) and other parameters such as precision and learning rate. We first examined which model best predicted our key measure (Posterior Prospective Self-Efficacy Beliefs) by constructing and comparing between models that included the scores of different proxy-measures for
	Specifically, we computed a posterior self-efficacy belief (m) using a generic Bayesian equation for belief updating when receiving new information (or, evidence) under a Gaussian model with conjugate prior (; ; )
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	where, m was the posterior self-efficacy belief, m was the prior prospective self-efficacy belief, y was the evidence (different measures per model; see below), p was the proxy for the precision of the prior prospective self-efficacy belief, and p was the proxy for the precision of the evidence (different measures per model; see below). Specifically, this equation allowed us to create a set of four target models to examine our hypotheses (see Supplementary Material Table S16 for full model description; and 
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	We also created two sets of baseline models (to validate our target models); the first two models assumed a perfect learning rate (λ =1, the participant uses the evidence as their posterior belief) and the third model assumed no learning (λ = 0, the participant uses the prior as their posterior belief). These baseline models were created as validation for the four main models, representing the boundary/extreme cases of learning rates being 1, or 0, instead of being modelled using the precision proxies for t
	For all the models we computed the Bayesian Information Criterion (BIC) and Mean Absolute Error (MAE) to measure model fit. As preregistered, we initially examined which variable was the best measure of evidence, in the HCs only, by comparing the fit of the model that used Performance Confidence as an evidence precision proxy and ‘Posterior Retrospective Self-Efficacy Beliefs’ as evidence with the alternative learning model that used the same precision proxy but Performance as evidence, predicting that the 
	For the measure of evidence which was associated with the best model fit from the previous analyses, we performed a preregistered further modelling step wherein we examined whether subjective confidence ratings (Performance Confidence) or trait measures of interoceptive sensibility (EDI-3-ID; ) when used as precision proxies, best captured our groups’ belief updating, expecting the clinical groups to be more influenced by the trait measures than HCs (Prediction B). We also complemented this precision-proxy 
	Garner, 2004

	Next, we examined the between-group differences on precision-weighted Learning Rates. Assuming that the Bayesian Model of choice is a representation of actual learning, then a higher Learning Rate would suggest that participants consider the Prediction Error to a greater degree when updating their beliefs. We calculated one precision-weighted Learning Rate per precision proxy and looked at group differences in two separate analyses, expecting the clinical groups’ Learning Rates to be lower and less Bayesian
	Actual
	Actual
	 = (
	q
	|
	y
	–
	q
	)/(
	y
	–
	q
	)
	q
	|
	y
	q

	Finally, as preregistered, we examined group differences on actual Learning Rates, also expecting the Learning Rates of the clinical groups to be lower than those of the HCs (Prediction D; results from this analysis are presented in full in the Supplementary Material, Table S20). 
	EXPERIMENTAL MATERIALS AND PROCEDURE
	Following baseline and demographic assessments (see below), participants were given an Empatica E4 watch (a medical-grade wearable device that records real-time physiological data; Empatica Srl, Italy; see ) to wear on their left wrist. The rest of the procedures were identical to those described in Experiment 1 with the following exceptions. In addition to a 5-minute baseline recording of heart rate, we also obtained a recording of heart rate variability (HRV; used in Experiment 2 as control measures; see 
	https://www.empatica.com/research/e4/
	Table 1

	At the end of the HCT participants reported how many heartbeats they think they typically have when at rest, and the general population average (per minute). The answers were used in control analyses (see Supplementary Material). Participants were not given any feedback on trial length or performance at any point. Finally, participants completed a series of psychometric questionnaires and cognitive flexibility task (see Supplementary Material) and were fully debriefed at the end.
	RESULTS: EXPERIMENT 2
	PRIMARY HYPOTHESES RESULTS
	HCT Performance did not differ significantly between our three groups
	As predicted, the frequentist analysis did not yield a significant result (; ) on group differences in Performance. Moreover, the Bayes Factor analysis suggested that there is moderate evidence for equivalence regarding our groups’ Performance (BF = 0.28), indicating that as tested here, the AN and p-AN groups did not perform differently than HCs. We then ran preregistered control analyses to account for potential confounding variables and the pattern of results remained the same (see Supplementary Material
	Figure 2
	Table 2
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	UPDATING PROSPECTIVE BELIEFS: BEHAVIOURAL AND COMPUTATIONAL ANALYSIS
	AN participants gave significantly lower Posterior Prospective Self-Efficacy Beliefs compared to HCs, and the same effect was present as a statistical trend in the p-AN group (; ). That is, both clinical groups expected, on average, to perform worse in a future HCT with half or double the available time, compared to HCs. To further examine what explained this observed ‘pessimism’ in our clinical groups, we examined the potentially mediating effect of comorbid traits and behaviours (using all the variables i
	Figure 3
	Table 3
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	COMPUTATIONAL MODELLING
	Identifying the best measure of evidence (Preregistered Prediction A) 
	Firstly, we examined which model showed a better fit in HCs by comparing between two models that both used Performance Confidence as a precision proxy but differed in that Performance versus Posterior Retrospective Self-Efficacy Beliefs were used as alternative measures of evidence (, Models 2.1 and 2.2). Model 2.2 was the winning model in HCs, but also across groups, and in each clinical group (; Models 1.2, 3.2 and 4.2; see Supplementary Material and Table S18 for a non-preregistered parameter validation 
	Figure 4
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	Identifying the best measure for precision proxy of the evidence (Preregistered Prediction B) 
	In a further modelling step, we examined which precision proxies best captured our groups’ belief updating when Posterior Retrospective Self-Efficacy Beliefs were used as the evidence (winning model from above) and found that the model which used EDI-3-ID as a precision proxy (vs. our other competing precision proxy; Performance Confidence) was our winning model (both across groups and within each group; , models 1.4, 2.4, 3.4, and 4.4), as predicted (see Supplementary Material and Table S18b for non-prereg
	Figure 4

	Group differences on precision-weighted Learning Rates and Bayesian Optimality with winning precision proxy of evidence (Preregistered Prediction C) and with the alternate precision proxy of evidence 
	Finally, for prediction C, we performed two further steps. Firstly, we looked at between-group differences in the precision-weighted Learning Rates (for both precision proxies of the evidence, given the inconclusive results of prediction B, but we Holm-corrected the p values due to the multiple comparisons). Secondly, we looked whether the Bayesian optimality of this rate, differed between groups, by assessing the absolute difference between our groups’ actual and precision-weighted Learning Rates  (|λ–λ|).
	Actual
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	Exploring the Role of Depression and Stress
	Given the effects of Depression and Stress on the clinical groups’ Posterior Prospective Self-Efficacy Beliefs (see Supplementary Material and Table S11) as well as the group differences on these psychometric trait measures (step 1 of the mediation analysis; see results in  and mediation analysis steps in the Supplementary Material), in non-preregistered analyses we explored whether Depression and Stress also explained the difference between the AN and HC groups’ precision-weighted Learning Rates (when usin
	Table 1
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	GENERAL DISCUSSION
	We examined how patients in the acute and post-acute anorexia nervosa phase (AN and p-AN, respectively), compared to HCs update their self-efficacy beliefs about their heartbeat counting abilities.  In Experiment 1, AN patients showed lower self-efficacy beliefs than HCs before (prospectively) and after the task (retrospectively), despite performing comparably to HCs. Our preregistered Experiment 2 aimed to examine specifically how such pessimistic prospective beliefs are formed and maintained. As predicted
	As expected, our groups did not perform differently to each other in the actual HCT (also supported by Bayesian equivalence testing) in either experiment (and in line with most studies of similar populations using the HCT; e.g., ; ; ; although contrary findings also exist, e.g., , ). Study discrepancies may stem from the HCT’s noted low validity and reliability and its confounds (; Desmedt et al., , , ; ). For example, performance (interoceptive accuracy) may differ depending on task demands, time estimatio
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	A key finding here is that AN patients (and p-AN patients at trend levels) do not seem to place sufficient emphasis on their performance when forming prospective self-efficacy beliefs. Hitherto, questionnaire studies consistently reveal that AN patients are characterised by higher levels of worry, rumination, and other maladaptive, metacognitive beliefs (e.g., ; ; ), but these studies have not examined beliefs about interoceptive accuracy, or the various interwoven parameters that may underlie these beliefs
	Berman, 2006
	Davenport 
	et al., 2015
	Palmieri et al., 2021

	Specifically, our study leads to three main insights regarding such beliefs. First, AN patients’ updating of explicit, prospective beliefs was influenced more by “pessimistic” (i.e., lower) global retrospective beliefs about such performance (e.g., how accurate one thought they were after the task ends) rather than the perceptual performance itself (e.g., how accurate one was), as detailed below. Specifically, model comparisons revealed that retrospective beliefs were better at predicting posterior prospect
	Moreover, these retrospective metacognition difficulties appear to extend to prospective metacognition. Specifically, when participants needed to then use such retrospective beliefs to update their self-efficacy prospectively, AN patients showed lower precision-weighted Learning Rates (with Performance Confidence as a precision proxy of evidence) than HCs, suggesting that patients consider the ‘evidence’ (here, Posterior Retrospective Self-Efficacy Beliefs) less than HCs when updating such beliefs. Conseque
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	Second, we explored the potential role of other higher-order cognitive difficulties previously noted in AN, such as disruptions in mental flexibility, abstraction or set-shifting (; , ; ), which could have explained the reduced belief updating in AN. However, we found that cognitive, set-shifting abilities as tested here by the Wisconsin Card Sorting Task (WCST) in a sample subset did not explain group differences in posterior beliefs or learning rates. Indeed, prior studies have shown that such domain gene
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	Third, depression and stress scores predicted pessimism in self-efficacy beliefs, explaining why the clinical groups who notably had greater depression and stress levels also had more pessimistic Posterior Prospective Self-Efficacy Beliefs compared to HCs. Crucially, depression (but not stress) significantly influenced the p-AN group’s (but not the AN’s) posterior self-efficacy beliefs (i.e., the more severe the depression, the more pessimistic the beliefs). The AN group was overall more pessimistic and had
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	In addition to some of the aforementioned experimental methodology limitations, there were also clinical methodology limitations. Firstly, multi-site research is subject to between-site variability relating to different assessor, clinical, cultural, and practical restrictions. To address this, meticulous protocol translations and experimenter training were ensured, and study site as a random effect did not add significant variance or affect the main results. Moreover, the multi-site approach could be regard
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	CONCLUSION
	To conclude, we investigated explicit, interoceptive belief updating in AN, focussing on cardiac awareness and related, prospective self-efficacy beliefs using a computational Bayesian Learning Framework. Despite comparable HCT performance, AN participants failed to update their interoceptive, metacognitive self-efficacy beliefs after performance. Computational modelling showed that neither local evidence from performance, nor retrospective beliefs following that performance (that themselves were suboptimal
	ADDITIONAL FILE
	The additional file for this article can be found as follows:
	•.Supplementary Material. Supplemental Text, Supplemental Methods, Supplemental Results, Supplemental Figures and Tables. DOI: 
	https://doi.org/10.5334/cpsy.109.s1

	ACKNOWLEDGEMENTS
	We thank the patients for their time and willingness to take part in the study. We also thank Ilia Galouzidi, Margherita Oresti, Chiara Ossola, Angelo Masserini, Agnese Benzi and Lucy Taylor for their assistance with data collection. Thank you to Alkistis Mavrogalou-Foti and Yee Ki Au for assistance with data handling. 
	FUNDING INFORMATION
	This project received funding from the European Union’s Horizon 2020 research and innovation programme under grant agreement No. 818070, for the Consolidator Award METABODY (to AF) and was also supported by a Neuropsychoanalysis Foundation grant to LC.
	COMPETING INTERESTS
	The authors have no competing interests to declare.
	AUTHOR CONTRIBUTIONS
	AS, LC, BD, PMJ and AF conceived and designed the experiment. AS, LC, VN, LM, and GB performed data collection. DG, FG, BD, SB, and OG supported the clinical recruitment of individuals in the acute and post-acute phases of Anorexia Nervosa. AS analysed the data under the supervision of AK, and AF. AS, LC, AK, PMJ and AF wrote the manuscript. All the authors provided feedback and approved the manuscript before submission. 
	Alkistis Saramandi and Laura Crucianelli share Joint first authorship.
	AUTHOR AFFILIATIONS
	REFERENCES
	American Psychiatric Association (Ed.). (2013). Diagnostic and statistical manual of mental disorders: DSM-5 (5th ed). American Psychiatric Association. DOI: 
	https://doi.org/10.1176/appi.books.9780890425596

	Andrés-Pepiñá, S., Plana, M. T., Flamarique, I., Romero, S., Borràs, R., Julià, L., Gárriz, M., & Castro-Fornieles, J. (2020). Long-term outcome and psychiatric comorbidity of adolescent-onset anorexia nervosa. Clinical Child Psychology and Psychiatry, 25(1), 33–44. DOI: 
	https://doi.org/10.1177/1359104519827629

	Arbel, R., Koren, D., Klein, E., & Latzer, Y. (2013). The neurocognitive basis of insight into illness in anorexia nervosa: A pilot metacognitive study. Psychiatry Research, 209(3), 604–610. DOI: 
	https://doi.org/10.1016/j.psychres.2013.01.009

	Auksztulewicz, R., & Friston, K. (2016). Repetition suppression and its contextual determinants in predictive coding. Cortex, 80, 125–140. DOI: 
	https://doi.org/10.1016/j.cortex.2015.11.024

	Aylward, J., Hales, C., Robinson, E., & Robinson, O. J. (2020). Translating a rodent measure of negative bias into humans: The impact of induced anxiety and unmedicated mood and anxiety disorders. Psychological Medicine, 50(2), 237–246. DOI: 
	https://doi.org/10.1017/S0033291718004117

	Baker, A. (2020). Neurostimulation Approaches in the Treatment of Severe Anorexia Nervosa. OBM Neurobiology, 4(3), 1–19. DOI: 
	https://doi.org/10.21926/obm.neurobiol.2003069

	Bandura, A. (1977). Self-efficacy: Toward a unifying theory of behavioral change. Psychological Review, 84, 191–215. DOI: 
	https://doi.org/10.1037/0033-295X.84.2.191

	Barca, L., & Pezzulo, G. (2020). Keep your interoceptive streams under control: An active inference perspective on anorexia nervosa. Cognitive, Affective, & Behavioral Neuroscience, 20(2), 427–440. DOI: 
	https://doi.org/10.3758/s13415-020-00777-6

	Baron, R. M., & Kenny, D. A. (1986). The moderator–mediator variable distinction in social psychological research: Conceptual, strategic, and statistical considerations. Journal of Personality and Social Psychology, 51(6), 1173–1182. DOI: 
	https://doi.org/10.1037/0022-3514.51.6.1173

	Barrett, L. F., & Simmons, W. K. (2015). Interoceptive predictions in the brain. Nature Reviews Neuroscience, 16(7), 419–429. DOI: 
	https://doi.org/10.1038/nrn3950

	Benwell, C. S. Y., Mohr, G., Wallberg, J., Kouadio, A., & Ince, R. A. A. (2022). Psychiatrically relevant signatures of domain-general decision-making and metacognition in the general population. Npj Mental Health Research, 1(1), Article 1. DOI: 
	https://doi.org/10.1038/s44184-022-00009-4

	Berman, E. S. (2006). The relationship between eating self-efficacy and eating disorder symptoms in a non-clinical sample. Eating Behaviors, 7(1), 79–90. DOI: 
	https://doi.org/10.1016/j.eatbeh.2005.07.004

	Berner, L. A., Simmons, A. N., Wierenga, C. E., Bischoff-Grethe, A., Paulus, M. P., Bailer, U. F., Ely, A. V., & Kaye, W. H. (2018). Altered interoceptive activation before, during, and after aversive breathing load in women remitted from anorexia nervosa. Psychological Medicine, 48(1), 142–154. DOI: 
	https://doi.org/10.1017/S0033291717001635

	Bischoff-Grethe, A., Wierenga, C. E., Berner, L. A., Simmons, A. N., Bailer, U., Paulus, M. P., & Kaye, W. H. (2018). Neural hypersensitivity to pleasant touch in women remitted from anorexia nervosa. Translational Psychiatry, 8(1), Article 1. DOI: 
	https://doi.org/10.1038/s41398-018-0218-3

	Bizeul, C., Sadowsky, N., & Rigaud, D. (2001). The prognostic value of initial EDI scores in anorexia nervosa patients: A prospective follow-up study of 5–10 years. European Psychiatry, 16(4), 232–238. DOI: 
	https://doi.org/10.1016/S0924-9338(01)00570-3

	Brener, J., & Ring, C. (2016). Towards a psychophysics of interoceptive processes: The measurement of heartbeat detection. Philosophical Transactions of the Royal Society B: Biological Sciences, 371(1708), 20160015. DOI: 
	https://doi.org/10.1098/rstb.2016.0015

	Brown, T. A., Vanzhula, I. A., Reilly, E. E., Levinson, C. A., Berner, L. A., Krueger, A., Lavender, J. M., Kaye, W. H., & Wierenga, C. E. (2020). Body mistrust bridges interoceptive awareness and eating disorder symptoms. Journal of Abnormal Psychology, 129(5), 445–456. DOI: 
	https://doi.org/10.1037/abn0000516

	Bruch, H. (1962). Perceptual and Conceptual Disturbances in Anorexia Nervosa. Psychosomatic Medicine, 24(2), 187. DOI: 
	https://doi.org/10.1097/00006842-196203000-00009

	Carey, M., Crucianelli, L., Preston, C., & Fotopoulou, A. (2021). The role of affective touch in whole-body embodiment remains equivocal. Consciousness and Cognition, 87, 103059. DOI: 
	https://doi.org/10.1016/j.concog.2020.103059

	Carter, J. C., Blackmore, E., Sutandar-Pinnock, K., & Woodside, D. B. (2004). Relapse in anorexia nervosa: A survival analysis. Psychological Medicine, 34(4), 671–679. DOI: 
	https://doi.org/10.1017/S0033291703001168

	Cartwright-Hatton, S., & Wells, A. (1997). Beliefs about Worry and Intrusions: The Meta-Cognitions Questionnaire and its Correlates. Journal of Anxiety Disorders, 11(3), 279–296. DOI: 
	https://doi.org/10.1016/S0887-6185(97)00011-X

	Cascino, G., Castellini, G., Stanghellini, G., Ricca, V., Cassioli, E., Ruzzi, V., Monteleone, P., & Monteleone, A. M. (2019). The Role of the Embodiment Disturbance in the Anorexia Nervosa Psychopathology: A Network Analysis Study. Brain Sciences, 9(10), Article 10. DOI: 
	https://doi.org/10.3390/brainsci9100276

	Choquette, E. M., Flux, M. C., Moseman, S. E., Chappelle, S., Naegele, J., Upshaw, V., ... & Khalsa, S. S. (2023). The impact of floatation therapy on body image and anxiety in anorexia nervosa: a randomised clinical efficacy trial. Eclinicalmedicine, 64. DOI: 
	https://doi.org/10.1016/j.eclinm.2023.102173

	Cooper, M., Collison, A. O., Collica, S. C., Pan, I., Tamashiro, K. L., Redgrave, G. W., Schreyer, C. C., & Guarda, A. S. (2021). Gastrointestinal symptomatology, diagnosis, and treatment history in patients with underweight avoidant/restrictive food intake disorder and anorexia nervosa: Impact on weight restoration in a meal-based behavioral treatment program. International Journal of Eating Disorders, 54(6), 1055–1062. DOI: 
	https://doi.org/10.1002/eat.23535

	Cooper, M. J., Deepak, K., Grocutt, E., & Bailey, E. (2007). The experience of ‘feeling fat’ in women with anorexia nervosa, dieting and non-dieting women: An exploratory study. European Eating Disorders Review, 15(5), 366–372. DOI: 
	https://doi.org/10.1002/erv.785

	Critchley, H. D., & Garfinkel, S. N. (2017). Interoception and emotion. Current Opinion in Psychology, 17, 7–14. DOI: 
	https://doi.org/10.1016/j.copsyc.2017.04.020

	Crucianelli, L., Cardi, V., Treasure, J., Jenkinson, P. M., & Fotopoulou, A. (2016). The perception of affective touch in anorexia nervosa. Psychiatry Research, 239, 72–78. DOI: 
	https://doi.org/10.1016/j.psychres.2016.01.078

	Crucianelli, L., Demartini, B., Goeta, D., Nisticò, V., Saramandi, A., Bertelli, S., Todisco, P., Gambini, O., & Fotopoulou, A. (2021). The Anticipation and Perception of Affective Touch in Women with and Recovered from Anorexia Nervosa. Neuroscience, 464, 143–155. DOI: 
	https://doi.org/10.1016/j.neuroscience.2020.09.013

	Culbert, K. M., Sisk, C. L., & Klump, K. L. (2021). A Narrative Review of Sex Differences in Eating Disorders: Is There a Biological Basis? Clinical Therapeutics, 43(1), 95–111. DOI: 
	https://doi.org/10.1016/j.clinthera.2020.12.003

	Dalton, B., Bartholdy, S., Campbell, I. C., & Schmidt, U. (2018). Neurostimulation in Clinical and Sub-clinical Eating Disorders: A Systematic Update of the Literature. Current Neuropharmacology, 16(8), 1174–1192. DOI: 
	https://doi.org/10.2174/1570159X16666180108111532

	Davenport, E., Rushford, N., Soon, S., & McDermott, C. (2015). Dysfunctional metacognition and drive for thinness in typical and atypical anorexia nervosa. Journal of Eating Disorders, 3(1), 24. DOI: 
	https://doi.org/10.1186/s40337-015-0060-4

	David, A. S. (2004). Insight and Psychosis: Awareness of Illness in Schizophrenia and Related Disorders. OUP Oxford.
	Davidovic, M., Karjalainen, L., Starck, G., Wentz, E., Björnsdotter, M., & Olausson, H. (2018). Abnormal brain processing of gentle touch in anorexia nervosa. Psychiatry Research: Neuroimaging, 281, 53–60. DOI: 
	https://doi.org/10.1016/j.pscychresns.2018.08.007

	Daw, N. D., & Doya, K. (2006). The computational neurobiology of learning and reward. Current Opinion in Neurobiology, 16(2), 199–204. DOI: 
	https://doi.org/10.1016/j.conb.2006.03.006

	Desmedt, O., Corneille, O., Luminet, O., Murphy, J., Bird, G., & Maurage, P. (2020). Contribution of Time Estimation and Knowledge to Heartbeat Counting Task Performance under Original and Adapted Instructions. Biological Psychology, 154, 107904. DOI: 
	https://doi.org/10.1016/j.biopsycho.2020.107904

	Desmedt, O., Luminet, O., & Corneille, O. (2018). The heartbeat counting task largely involves non-interoceptive processes: Evidence from both the original and an adapted counting task. Biological Psychology, 138, 185–188. DOI: 
	https://doi.org/10.1016/j.biopsycho.2018.09.004

	Desmedt, O., Luminet, O., Walentynowicz, M., & Corneille, O. (2023). The New Measures of Interoceptive Accuracy: A Systematic Review and Assessment. DOI: 
	https://doi.org/10.31219/osf.io/f56xe

	Desmedt, O., Van Den Houte, M., Walentynowicz, M., Dekeyser, S., Luminet, O., & Corneille, O. (2022). How Does Heartbeat Counting Task Performance Relate to Theoretically-Relevant Mental Health Outcomes? A Meta-Analysis. Collabra: Psychology, 8(1), 33271. DOI: 
	https://doi.org/10.1525/collabra.33271

	Emanuelsen, L., Drew, R., & Köteles, F. (2015). Interoceptive sensitivity, body image dissatisfaction, and body awareness in healthy individuals. Scandinavian Journal of Psychology, 56(2), 167–174. DOI: 
	https://doi.org/10.1111/sjop.12183

	Eskild-Jensen, M., Støving, R. K., Flindt, C. F., & Sjogren, M. (2020). Comorbid depression as a negative predictor of weight gain during treatment of anorexia nervosa: A systematic scoping review. European Eating Disorders Review, 28(6), 605–619. DOI: 
	https://doi.org/10.1002/erv.2787

	Fairburn, C. G., & Beglin, S. J. (1994). Assessment of eating disorders: Interview or self-report questionnaire? International Journal of Eating Disorders, 16(4), 363–370. DOI: 
	https://doi.org/10.1002/1098-108X(199412)16:4<363::AID-EAT2260160405>3.0.CO;2-#

	Ferentzi, E., Wilhelm, O., & Köteles, F. (2022). What counts when heartbeats are counted. Trends in Cognitive Sciences, 26(10), 832–835. DOI: 
	https://doi.org/10.1016/j.tics.2022.07.009

	Fischer, D., Berberich, G., Zaudig, M., Krauseneck, T., Weiss, S., & Pollatos, O. (2016). Interoceptive Processes in Anorexia Nervosa in the Time Course of Cognitive-Behavioral Therapy: A Pilot Study. Frontiers in Psychiatry, 7. DOI: 
	https://doi.org/10.3389/fpsyt.2016.00199

	Fitz-Clarke, J. R. (2007). Computer simulation of human breath-hold diving: Cardiovascular adjustments. European Journal of Applied Physiology, 100(2), 207–224. DOI: 
	https://doi.org/10.1007/s00421-007-0421-z

	Fleming, S. M., & Lau, H. C. (2014). How to measure metacognition. Frontiers in Human Neuroscience, 8. . DOI: 
	https://www.frontiersin.org/articles/10.3389/fnhum.2014.00443
	https://doi.org/10.3389/fnhum.2014.00443

	Friston, K. (2010). The free-energy principle: A unified brain theory? Nature Reviews Neuroscience, 11(2), Article 2. DOI: 
	https://doi.org/10.1038/nrn2787

	Friston, K. J. (2017). Precision Psychiatry. Biological Psychiatry: Cognitive Neuroscience and Neuroimaging, 2(8), 640–643. DOI: 
	https://doi.org/10.1016/j.bpsc.2017.08.007

	Garfinkel, S. N., Schulz, A., & Tsakiris, M. (2022). Addressing the need for new interoceptive methods. Biological Psychology, 170, 108322. DOI: 
	https://doi.org/10.1016/j.biopsycho.2022.108322

	Garfinkel, S. N., Seth, A. K., Barrett, A. B., Suzuki, K., & Critchley, H. D. (2015). Knowing your own heart: Distinguishing interoceptive accuracy from interoceptive awareness. Biological Psychology, 104, 65–74. DOI: 
	https://doi.org/10.1016/j.biopsycho.2014.11.004

	Garner, D. M. (2004). Eating Disorder Inventory—3 (EDI-3). Professional Manual. Odessa, FL: Psychological Assessment Resources, 1.
	Goodrick, G. K., Pendleton, V. R., Kimball, K. T., Carlos Poston, W. S., Reeves, R. S., & Foreyt, J. P. (1999). Binge eating severity, self-concept, dieting self-efficacy and social support during treatment of binge eating disorder. International Journal of Eating Disorders, 26(3), 295–300. DOI: 
	https://doi.org/10.1002/(SICI)1098-108X(199911)26:3<295::AID-EAT7>3.0.CO;2-7

	Gorrell, S., & Murray, S. B. (2019). Eating Disorders in Males. Child and Adolescent Psychiatric Clinics of North America, 28(4), 641–651. DOI: 
	https://doi.org/10.1016/j.chc.2019.05.012

	Grabauskaitė, A., Baranauskas, M., & Griškova-Bulanova, I. (2017). Interoception and gender: What aspects should we pay attention to? Consciousness and Cognition, 48, 129–137. DOI: 
	https://doi.org/10.1016/j.concog.2016.11.002

	Grant, D. A., & Berg, E. (1948). A behavioral analysis of degree of reinforcement and ease of shifting to new responses in a Weigl-type card-sorting problem. Journal of Experimental Psychology, 38(4), 404–411. DOI: 
	https://doi.org/10.1037/h0059831

	Greenfeld, D. G., Anyan, W. R., Hobart, M., Quinlan, D. M., & Plantes, M. (1991). Insight into illness and outcome in anorexia nervosa. International Journal of Eating Disorders, 10(1), 101–109. DOI: 
	https://doi.org/10.1002/1098-108X(199101)10:1<101::AID-EAT2260100111>3.0.CO;2-7

	Haarsma, J., Fletcher, P. C., Griffin, J. D., Taverne, H. J., Ziauddeen, H., Spencer, T. J., Miller, C., Katthagen, T., Goodyer, I., Diederen, K. M. J., & Murray, G. K. (2021). Precision weighting of cortical unsigned prediction error signals benefits learning, is mediated by dopamine, and is impaired in psychosis. Molecular Psychiatry, 26(9), Article 9. DOI: 
	https://doi.org/10.1038/s41380-020-0803-8

	Harrison, O. K., Garfinkel, S. N., Marlow, L., Finnegan, S. L., Marino, S., Köchli, L., Allen, M., Finnemann, J., Keur-Huizinga, L., Harrison, S. J., Stephan, K. E., Pattinson, K. T. S., & Fleming, S. M. (2021). The Filter Detection Task for measurement of breathing-related interoception and metacognition. Biological Psychology, 165, 108185. DOI: 
	https://doi.org/10.1016/j.biopsycho.2021.108185

	Harrop, E. N., Mensinger, J. L., Moore, M., & Lindhorst, T. (2021). Restrictive eating disorders in higher weight persons: A systematic review of atypical anorexia nervosa prevalence and consecutive admission literature. International Journal of Eating Disorders, 54(8), 1328–1357. DOI: 
	https://doi.org/10.1002/eat.23519

	Heim, N., Bobou, M., Tanzer, M., Jenkinson, P., Steinert, C., & Fotopoulou, A. (2022). Interventions for interoception in mental health disorders: A systematic review of randomised-controlled trials. OSF Preprints. DOI: 
	https://doi.org/10.31219/osf.io/rgm62

	Himmerich, H., Hotopf, M., Shetty, H., Schmidt, U., Treasure, J., Hayes, R. D., Stewart, R., & Chang, C.-K. (2019). Psychiatric comorbidity as a risk factor for mortality in people with anorexia nervosa. European Archives of Psychiatry and Clinical Neuroscience, 269(3), 351–359. DOI: 
	https://doi.org/10.1007/s00406-018-0937-8

	Iglesias, S., Mathys, C., Brodersen, K. H., Kasper, L., Piccirelli, M., den Ouden, H. E. M., & Stephan, K. E. (2013). Hierarchical Prediction Errors in Midbrain and Basal Forebrain during Sensory Learning. Neuron, 80(2), 519–530. DOI: 
	https://doi.org/10.1016/j.neuron.2013.09.009

	Jenkinson, P. M., Koukoutsakis, A., Panagiotopoulou, E., Vagnoni, E., Demartini, B., Nistico, V., Gambini, O., Christakou, A., & Fotopoulou, A. (2023). Body appearance values modulate risk aversion in eating restriction. Journal of Experimental Psychology: General. DOI: 
	https://doi.org/10.1037/xge0001445

	Jenkinson, P. M., Taylor, L., & Laws, K. R. (2018). Self-reported interoceptive deficits in eating disorders: A meta-analysis of studies using the eating disorder inventory. Journal of Psychosomatic Research, 110, 38–45. DOI: 
	https://doi.org/10.1016/j.jpsychores.2018.04.005

	Kass, R. E., & Raftery, A. E. (1995). Bayes Factors. Journal of the American Statistical Association, 90(430), 773–795. DOI: 
	https://doi.org/10.1080/01621459.1995.10476572

	Katyal, S., Huys, Q., Dolan, R., & Fleming, S. M. (2023). How underconfidence is maintained in anxiety and depression. PsyArXiv. DOI: 
	https://doi.org/10.31234/osf.io/qcg92

	Kerr, K. L., Moseman, S. E., Avery, J. A., Bodurka, J., Zucker, N. L., & Simmons, W. K. (2016). Altered Insula Activity during Visceral Interoception in Weight-Restored Patients with Anorexia Nervosa. Neuropsychopharmacology, 41(2), Article 2. DOI: 
	https://doi.org/10.1038/npp.2015.174

	Khalsa, S. S., Adolphs, R., Cameron, O. G., Critchley, H. D., Davenport, P. W., Feinstein, J. S., Feusner, J. D., Garfinkel, S. N., Lane, R. D., Mehling, W. E., Meuret, A. E., Nemeroff, C. B., Oppenheimer, S., Petzschner, F. H., Pollatos, O., Rhudy, J. L., Schramm, L. P., Simmons, W. K., Stein, M. B., … Zucker, N. (2018). Interoception and Mental Health: A Roadmap. Biological Psychiatry: Cognitive Neuroscience and Neuroimaging, 3(6), 501–513. DOI: 
	https://doi.org/10.1016/j.bpsc.2017.12.004

	Khalsa, S. S., Berner, L. A., & Anderson, L. M. (2022). Gastrointestinal Interoception in Eating Disorders: Charting a New Path. Current Psychiatry Reports, 24(1), 47–60. DOI: 
	https://doi.org/10.1007/s11920-022-01318-3

	Khalsa, S. S., Craske, M. G., Li, W., Vangala, S., Strober, M., & Feusner, J. D. (2015). Altered interoceptive awareness in anorexia nervosa: Effects of meal anticipation, consumption and bodily arousal. International Journal of Eating Disorders, 48(7), 889–897. DOI: 
	https://doi.org/10.1002/eat.22387

	Khalsa, S. S., Moseman, S. E., Lapidus, R. C., & Paulus, M. P. (2020). Reduced environmental stimulation in anorexia nervosa: an early-phase clinical trial. Frontiers in psychology, 11, 567499. DOI: 
	https://doi.org/10.3389/fpsyg.2020.567499

	Khalsa, S. S., Portnoff, L. C., McCurdy-McKinnon, D., & Feusner, J. D. (2017). What happens after treatment? A systematic review of relapse, remission, and recovery in anorexia nervosa. Journal of Eating Disorders, 5(1), 20. DOI: 
	https://doi.org/10.1186/s40337-017-0145-3

	Khalsa, S. S., Rudrauf, D., Sandesara, C., Olshansky, B., & Tranel, D. (2009). Bolus isoproterenol infusions provide a reliable method for assessing interoceptive awareness. International Journal of Psychophysiology : Official Journal of the International Organization of Psychophysiology, 72(1), 34–45. DOI: 
	https://doi.org/10.1016/j.ijpsycho.2008.08.010

	Kim, M., Kim, S., Lee, K.-U., & Jeong, B. (2020). Pessimistically biased perception in panic disorder during risk learning. Depression and Anxiety, 37(7), 609–619. DOI: 
	https://doi.org/10.1002/da.23007

	Kinnaird, E., Stewart, C., & Tchanturia, K. (2020). Interoception in Anorexia Nervosa: Exploring Associations With Alexithymia and Autistic Traits. Frontiers in Psychiatry, 11. . DOI: 
	https://www.frontiersin.org/articles/10.3389/fpsyt.2020.00064
	https://doi.org/10.3389/fpsyt.2020.00064

	Kirsch, L. P., Mathys, C., Papadaki, C., Talelli, P., Friston, K., Moro, V., & Fotopoulou, A. (2021). Updating beliefs beyond the here-and-now: The counter-factual self in anosognosia for hemiplegia. Brain Communications, 3(2), fcab098. DOI: 
	https://doi.org/10.1093/braincomms/fcab098

	Knapp-Kline, K., & Kline, J. P. (2005). Heart rate, heart rate variability, and heartbeat detection with the method of constant stimuli: Slow and steady wins the race. Biological Psychology, 69(3), 387–396. DOI: 
	https://doi.org/10.1016/j.biopsycho.2004.09.002

	Konstantakopoulos, G., Tchanturia, K., Surguladze, S. A., & David, A. S. (2011). Insight in eating disorders: Clinical and cognitive correlates. Psychological Medicine, 41(9), 1951–1961. DOI: 
	https://doi.org/10.1017/S0033291710002539

	Konstantakopoulos, G., Varsou, E., Dikeos, D., Ioannidi, N., Gonidakis, F., Papadimitriou, G., & Oulis, P. (2012). Delusionality of body image beliefs in eating disorders. Psychiatry Research, 200(2), 482–488. DOI: 
	https://doi.org/10.1016/j.psychres.2012.03.023

	Kopp, B., Lange, F., & Steinke, A. (2021). The Reliability of the Wisconsin Card Sorting Test in Clinical Practice. Assessment, 28(1), 248–263. DOI: 
	https://doi.org/10.1177/1073191119866257

	Koreki, A., Funayama, M., Terasawa, Y., Onaya, M., & Mimura, M. (2021). Aberrant Interoceptive Accuracy in Patients With Schizophrenia Performing a Heartbeat Counting Task. Schizophrenia Bulletin Open, 2(1), sgaa067. DOI: 
	https://doi.org/10.1093/schizbullopen/sgaa067

	Krahé, C., Koukoutsakis, A., & Fotopoulou, A. (2024). Updating beliefs about pain following advice: Trustworthiness of social advice predicts pain expectations and experience. Cognition, 246, 105756. DOI: 
	https://doi.org/10.1016/j.cognition.2024.105756

	Kube, T., Kirchner, L., Lemmer, G., & Glombiewski, J. A. (2022). How the Discrepancy Between Prior Expectations and New Information Influences Expectation Updating in Depression—The Greater, the Better? Clinical Psychological Science, 10(3), 430–449. DOI: 
	https://doi.org/10.1177/21677026211024644

	Lang, K., Stahl, D., Espie, J., Treasure, J., & Tchanturia, K. (2014). Set shifting in children and adolescents with anorexia nervosa: An exploratory systematic review and meta-analysis. International Journal of Eating Disorders, 47(4), 394–399. DOI: 
	https://doi.org/10.1002/eat.22235

	Lapidus, R. C., Puhl, M., Kuplicki, R., Stewart, J. L., Paulus, M. P., Rhudy, J. L., Feinstein, J. S., Khalsa, S. S., & on behalf of the Tulsa 1000 Investigators. (2020). Heightened affective response to perturbation of respiratory but not pain signals in eating, mood, and anxiety disorders. PLOS ONE, 15(7), e0235346. DOI: 
	https://doi.org/10.1371/journal.pone.0235346

	Lavalley, C. A., Hakimi, N., Taylor, S., Kuplicki, R., Forthman, K. L., Stewart, J. L., Paulus, M. P., Khalsa, S. S., & Smith, R. (2023). Transdiagnostic failure to adapt interoceptive precision estimates across affective, substance use, and eating disorders: A replication study [Preprint]. Psychiatry and Clinical Psychology. DOI: 
	https://doi.org/10.1101/2023.10.11.23296870

	Lebow, J., Sim, L. A., & Accurso, E. C. (2018). Is there clinical consensus in defining weight restoration for adolescents with anorexia nervosa? Eating Disorders, 26(3), 270–277. DOI: 
	https://doi.org/10.1080/10640266.2017.1388664

	Legrand, N., Nikolova, N., Correa, C., Brændholt, M., Stuckert, A., Kildahl, N., Vejlø, M., Fardo, F., & Allen, M. (2022). The heart rate discrimination task: A psychophysical method to estimate the accuracy and precision of interoceptive beliefs. Biological Psychology, 168, 108239. DOI: 
	https://doi.org/10.1016/j.biopsycho.2021.108239

	Lovibond, P. F., & Lovibond, S. H. (1995). The structure of negative emotional states: Comparison of the Depression Anxiety Stress Scales (DASS) with the Beck Depression and Anxiety Inventories. Behaviour Research and Therapy, 33(3), 335–343. DOI: 
	https://doi.org/10.1016/0005-7967(94)00075-U

	Lutz, A. P. C., Schulz, A., Voderholzer, U., Koch, S., van Dyck, Z., & Vögele, C. (2019). Enhanced cortical processing of cardio-afferent signals in anorexia nervosa. Clinical Neurophysiology, 130(9), 1620–1627. DOI: 
	https://doi.org/10.1016/j.clinph.2019.06.009

	Martin, E., Dourish, C. T., Rotshtein, P., Spetter, M. S., & Higgs, S. (2019). Interoception and disordered eating: A systematic review. Neuroscience & Biobehavioral Reviews, 107, 166–191. DOI: 
	https://doi.org/10.1016/j.neubiorev.2019.08.020

	Mathys, C. D., Lomakina, E. I., Daunizeau, J., Iglesias, S., Brodersen, K. H., Friston, K. J., & Stephan, K. E. (2014). Uncertainty in perception and the Hierarchical Gaussian Filter. Frontiers in Human Neuroscience, 8. . DOI: 
	https://www.frontiersin.org/articles/10.3389/fnhum.2014.00825
	https://doi.org/10.3389/fnhum.2014.00825

	McDermott, C. J., & Rushford, N. (2011). Dysfunctional metacognitions in anorexia nervosa. Eating and Weight Disorders – Studies on Anorexia, Bulimia and Obesity, 16(1), e49–e55. DOI: 
	https://doi.org/10.1007/BF03327521

	Miles, S., Gnatt, I., Phillipou, A., & Nedeljkovic, M. (2020). Cognitive flexibility in acute anorexia nervosa and after recovery: A systematic review. Clinical Psychology Review, 81, 101905. DOI: 
	https://doi.org/10.1016/j.cpr.2020.101905

	Miles, S., Phillipou, A., Sumner, P., & Nedeljkovic, M. (2022). Cognitive flexibility and the risk of anorexia nervosa: An investigation using self-report and neurocognitive assessments. Journal of Psychiatric Research, 151, 531–538. DOI: 
	https://doi.org/10.1016/j.jpsychires.2022.05.043

	Monteleone, A. M., & Cascino, G. (2021). A systematic review of network analysis studies in eating disorders: Is time to broaden the core psychopathology to non specific symptoms. European Eating Disorders Review, 29(4), 531–547. DOI: 
	https://doi.org/10.1002/erv.2834

	Murphy, J., Viding, E., & Bird, G. (2019). Does atypical interoception following physical change contribute to sex differences in mental illness? Psychological Review, 126(5), 787–789. DOI: 
	https://doi.org/10.1037/rev0000158

	Naddaf, M. (2023). ‘Intention is not action’: Brain-research centre steps up quest for equality. Nature. DOI: 
	https://doi.org/10.1038/d41586-023-01425-y

	Nord, C. L., Lawson, R. P., & Dalgleish, T. (2021). Disrupted Dorsal Mid-Insula Activation During Interoception Across Psychiatric Disorders. American Journal of Psychiatry, 178(8), 761–770. DOI: 
	https://doi.org/10.1176/appi.ajp.2020.20091340

	Olatunji, B. O., Levinson, C., & Calebs, B. (2018). A network analysis of eating disorder symptoms and characteristics in an inpatient sample. Psychiatry Research, 262, 270–281. DOI: 
	https://doi.org/10.1016/j.psychres.2018.02.027

	O’Leary, A. (1985). Self-efficacy and health. Behaviour Research and Therapy, 23(4), 437–451. DOI: 
	https://doi.org/10.1016/0005-7967(85)90172-X

	Owens, A. P., Allen, M., Ondobaka, S., & Friston, K. J. (2018). Interoceptive inference: From computational neuroscience to clinic. Neuroscience & Biobehavioral Reviews, 90, 174–183. DOI: 
	https://doi.org/10.1016/j.neubiorev.2018.04.017

	Palmer, C., Ainley, V., & Tsakiris, M. (2019). Fine Tuning Your Heart: A novel method for measuring interoceptive accuracy. PsyArXiv. DOI: 
	https://doi.org/10.31234/osf.io/qz7r9

	Palmieri, S., Mansueto, G., Ruggiero, G. M., Caselli, G., Sassaroli, S., & Spada, M. M. (2021). Metacognitive beliefs across eating disorders and eating behaviours: A systematic review. Clinical Psychology & Psychotherapy, 28(5), 1254–1265. DOI: 
	https://doi.org/10.1002/cpp.2573

	Palomba, D., Venturini, M., Rausa, M., Contin, S. A., Penolazzi, B., Schumann, R., & Ballardini, D. (2017). Reduced sympathetic activity and dysfunctional metacognition in patients with anorexia nervosa: A preliminary study. Journal of Evidence-Based Psychotherapies, 17(1), 1–20. DOI: 
	https://doi.org/10.24193/jebp.2017.1.1

	Paulus, M. P., Feinstein, J. S., & Khalsa, S. S. (2019). An Active Inference Approach to Interoceptive Psychopathology. Annual Review of Clinical Psychology, 15(1), 97–122. DOI: 
	https://doi.org/10.1146/annurev-clinpsy-050718-095617

	Petzschner, F. H., Weber, L. A. E., Gard, T., & Stephan, K. E. (2017). Computational Psychosomatics and Computational Psychiatry: Toward a Joint Framework for Differential Diagnosis. Biological Psychiatry, 82(6), 421–430. DOI: 
	https://doi.org/10.1016/j.biopsych.2017.05.012

	Plans, D., Ponzo, S., Morelli, D., Cairo, M., Ring, C., Keating, C. T., Cunningham, A. C., Catmur, C., Murphy, J., & Bird, G. (2021). Measuring interoception: The phase adjustment task. Biological Psychology, 165, 108171. DOI: 
	https://doi.org/10.1016/j.biopsycho.2021.108171

	Pollatos, O., Herbert, B. M., Berberich, G., Zaudig, M., Krauseneck, T., & Tsakiris, M. (2016). Atypical Self-Focus Effect on Interoceptive Accuracy in Anorexia Nervosa. Frontiers in Human Neuroscience, 10. . DOI: 
	https://www.frontiersin.org/articles/10.3389/fnhum.2016.00484
	https://doi.org/10.3389/fnhum.2016.00484

	Pollatos, O., Kurz, A.-L., Albrecht, J., Schreder, T., Kleemann, A. M., Schöpf, V., Kopietz, R., Wiesmann, M., & Schandry, R. (2008). Reduced perception of bodily signals in anorexia nervosa. Eating Behaviors, 9(4), 381–388. DOI: 
	https://doi.org/10.1016/j.eatbeh.2008.02.001

	Ralph, A. F., Brennan, L., Byrne, S., Caldwell, B., Farmer, J., Hart, L. M., Heruc, G. A., Maguire, S., Piya, M. K., Quin, J., Trobe, S. K., Wallis, A., Williams-Tchen, A., & Hay, P. (2022). Management of eating disorders for people with higher weight: Clinical practice guideline. Journal of Eating Disorders, 10(1), 121. DOI: 
	https://doi.org/10.1186/s40337-022-00622-w

	Richard, A., Meule, A., Georgii, C., Voderholzer, U., Cuntz, U., Wilhelm, F. H., & Blechert, J. (2019). Associations between interoceptive sensitivity, intuitive eating, and body mass index in patients with anorexia nervosa and normal-weight controls. European Eating Disorders Review, 27(5), 571–577. DOI: 
	https://doi.org/10.1002/erv.2676

	Rouault, M., McWilliams, A., Allen, M. G., & Fleming, S. M. (2018). Human Metacognition Across Domains: Insights from Individual Differences and Neuroimaging. Personality Neuroscience, 1, e17. DOI: 
	https://doi.org/10.1017/pen.2018.16

	Rouault, M., Seow, T., Gillan, C. M., & Fleming, S. M. (2018). Psychiatric Symptom Dimensions Are Associated With Dissociable Shifts in Metacognition but Not Task Performance. Biological Psychiatry, 84(6), 443–451. DOI: 
	https://doi.org/10.1016/j.biopsych.2017.12.017

	Rupprechter, S., Stankevicius, A., Huys, Q. J. M., Steele, J. D., & Seriès, P. (2018). Major Depression Impairs the Use of Reward Values for Decision-Making. Scientific Reports, 8(1), Article 1. DOI: 
	https://doi.org/10.1038/s41598-018-31730-w

	Safdari, S., Khoramdel, K., & Kamranian, E. (2013). The Role of Metacognitive Beliefs in Eating Disorders. 1(2), 96–99.
	Saramandi, A., Crucianelli, L., Koukoutsakis, A., Nisticò, V., Baiza, A., Goeta, D., Demartini, B., Gambini, O., Jenkinson, P., & Fotopoulou, A. (2022). Belief updating about Interoception and Body Size Estimation in Anorexia Nervosa. PsyArXiv. DOI: 
	https://doi.org/10.31234/osf.io/rntsf

	Schandry, R. (1981). Heart Beat Perception and Emotional Experience. Psychophysiology, 18(4), 483–488. DOI: 
	https://doi.org/10.1111/j.1469-8986.1981.tb02486.x

	Schultz, W., Dayan, P., & Montague, P. R. (1997). A Neural Substrate of Prediction and Reward. Science, 275(5306), 1593–1599. DOI: 
	https://doi.org/10.1126/science.275.5306.1593

	Schwarzer, R., & Jerusalem, M. (1995). Generalised Self-Efficacy Scale. In Weinman, J., Wright, S., & Johnston, M. (Eds.), Measures in health psychology: A user’s portfolio. Causal and control beliefs (pp. 35–37). NFER-NELSON. DOI: 
	https://doi.org/10.1037/t00393-000

	Seow, T. X. F., Rouault, M., Gillan, C. M., & Fleming, S. M. (2021). How Local and Global Metacognition Shape Mental Health. Biological Psychiatry, 90(7), 436–446. DOI: 
	https://doi.org/10.1016/j.biopsych.2021.05.013

	Smith, R., Feinstein, J. S., Kuplicki, R., Forthman, K. L., Stewart, J. L., Paulus, M. P., & Khalsa, S. S. (2021). Perceptual insensitivity to the modulation of interoceptive signals in depression, anxiety, and substance use disorders. Scientific Reports, 11(1), Article 1. DOI: 
	https://doi.org/10.1038/s41598-021-81307-3

	Smith, R., Kirlic, N., Stewart, J. L., Touthang, J., Kuplicki, R., Khalsa, S. S., Feinstein, J., Paulus, M. P., & Aupperle, R. L. (2021). Greater decision uncertainty characterizes a transdiagnostic patient sample during approach-avoidance conflict: A computational modelling approach. Journal of Psychiatry and Neuroscience, 46(1), E74–E87. DOI: 
	https://doi.org/10.1503/jpn.200032

	Smith, R., Kuplicki, R., Feinstein, J., Forthman, K. L., Stewart, J. L., Paulus, M. P., Investigators, T. 1000, & Khalsa, S. S. (2020). A Bayesian computational model reveals a failure to adapt interoceptive precision estimates across depression, anxiety, eating, and substance use disorders. PLOS Computational Biology, 16(12), e1008484. DOI: 
	https://doi.org/10.1371/journal.pcbi.1008484

	Smith, R., Mayeli, A., Taylor, S., Al Zoubi, O., Naegele, J., & Khalsa, S. S. (2021). Gut inference: A computational modelling approach. Biological Psychology, 164, 108152. DOI: 
	https://doi.org/10.1016/j.biopsycho.2021.108152

	Solmi, M., Collantoni, E., Meneguzzo, P., Degortes, D., Tenconi, E., & Favaro, A. (2018). Network analysis of specific psychopathology and psychiatric symptoms in patients with eating disorders. International Journal of Eating Disorders, 51(7), 680–692. DOI: 
	https://doi.org/10.1002/eat.22884

	Stankevicius, A., Huys, Q. J. M., Kalra, A., & Seriès, P. (2014). Optimism as a Prior Belief about the Probability of Future Reward. PLOS Computational Biology, 10(5), e1003605. DOI: 
	https://doi.org/10.1371/journal.pcbi.1003605

	Stephan, K. E., Manjaly, Z. M., Mathys, C. D., Weber, L. A. E., Paliwal, S., Gard, T., Tittgemeyer, M., Fleming, S. M., Haker, H., Seth, A. K., & Petzschner, F. H. (2016). Allostatic Self-efficacy: A Metacognitive Theory of Dyshomeostasis-Induced Fatigue and Depression. Frontiers in Human Neuroscience, 10. DOI: 
	https://doi.org/10.3389/fnhum.2016.00550

	Sun, X., Zhu, C., & So, S. H. W. (2017). Dysfunctional metacognition across psychopathologies: A meta-analytic review. European Psychiatry, 45, 139–153. DOI: 
	https://doi.org/10.1016/j.eurpsy.2017.05.029

	Suschinsky, K. D., & Lalumière, M. L. (2012). Is Sexual Concordance Related to Awareness of Physiological States? Archives of Sexual Behavior, 41(1), 199–208. DOI: 
	https://doi.org/10.1007/s10508-012-9931-9

	Tchanturia, K., Davies, H., Roberts, M., Harrison, A., Nakazato, M., Schmidt, U., Treasure, J., & Morris, R. (2012). Poor Cognitive Flexibility in Eating Disorders: Examining the Evidence using the Wisconsin Card Sorting Task. PLOS ONE, 7(1), e28331. DOI: 
	https://doi.org/10.1371/journal.pone.0028331

	Tchanturia, K., Lloyd, S., & Lang, K. (2013). Cognitive remediation therapy for anorexia nervosa: Current evidence and future research directions. International Journal of Eating Disorders, 46(5), 492–495. DOI: 
	https://doi.org/10.1002/eat.22106

	Vervaet, M., Puttevils, L., Hoekstra, R. H. A., Fried, E., & Vanderhasselt, M. (2021). Transdiagnostic vulnerability factors in eating disorders: A network analysis. European Eating Disorders Review, 29(1), 86–100. DOI: 
	https://doi.org/10.1002/erv.2805

	Wells, A., & Cartwright-Hatton, S. (2004). A short form of the metacognitions questionnaire: Properties of the MCQ-30. Behaviour Research and Therapy, 42(4), 385–396. DOI: 
	https://doi.org/10.1016/S0005-7967(03)00147-5

	Westwood, H., Stahl, D., Mandy, W., & Tchanturia, K. (2016). The set-shifting profiles of anorexia nervosa and autism spectrum disorder using the Wisconsin Card Sorting Test: A systematic review and meta-analysis. Psychological Medicine, 46(9), 1809–1827. DOI: 
	https://doi.org/10.1017/S0033291716000581


	ALKISTIS SARAMANDI** 
	ALKISTIS SARAMANDI** 
	Link

	LAURA CRUCIANELLI** 
	Link

	ATHANASIOS KOUKOUTSAKIS
	VERONICA NISTICÒ 
	Link

	LIZA MAVROMARA
	DIANA GOETA 
	Link

	GIOVANNI BOIDO
	FRAGISKOS GONIDAKIS 
	Link

	BENEDETTA DEMARTINI 
	Link

	SARA BERTELLI
	ORSOLA GAMBINI 
	Link

	PAUL M. JENKINSON 
	Link

	AIKATERINI FOTOPOULOU 
	Link


	Updating Prospective Self-Efficacy Beliefs About Cardiac Interoception in Anorexia Nervosa: An Experimental and Computational Study
	Updating Prospective Self-Efficacy Beliefs About Cardiac Interoception in Anorexia Nervosa: An Experimental and Computational Study

	ABSTRACT
	ABSTRACT
	Patients with anorexia nervosa (AN) typically hold altered beliefs about their body that they struggle to update, including global, prospective beliefs about their ability to know and regulate their body and particularly their interoceptive states. While clinical questionnaire studies have provided ample evidence on the role of such beliefs in the onset, maintenance, and treatment of AN, psychophysical studies have typically focused on perceptual and ‘local’ beliefs. Across two experiments, we examined how 
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	Figure 1 Trial Timeline for the Heartbeat Counting Task. The trial timeline shows the flow of the main Heartbeat Counting Task and the additional measures of Experiment 2, including our main experimental target: the updating of prospective self-efficacy (metacognitive) beliefs about heartbeat counting after trying out a heartbeat counting task and forming explicit retrospective beliefs about one’s performance. Specifically, we asked participants to tell us how well they think they would do if we gave them h
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	Figure 2 Average Performance Scores at the heartbeat counting task (IAcc) per group. N.B. We note the overall average Performance (IAcc) scores of our sample are lower than the average scores typically observed in other studies with both healthy and clinical populations (e.g., ; ; ), though it should be noted that they still fall within the spectrum of average IAcc scores observed when participants are encouraged to report only number of actually felt heartbeats and not estimates (e.g., ).
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	Table 2 Analysis for Group Differences on Performance, with Age as the Control Variable and Participant ID and Study Site as Random Effects.
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	Table 3 Analysis for Group Differences on Posterior Prospective Self-Efficacy Beliefs, with Age as the Control Variable and Study Site as Random Effect.
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	Figure 4 Main model comparison. MAE (Mean Absolute Error) and BIC (Bayesian Information Criterion) are two measures used to examine model fit, with smaller values suggesting better model fit. Panel A shows the model comparison across all participants (N = 183). Panel B shows the model comparison in the healthy control group only (N = 114). Panel C shows the model comparison in the acute Anorexia Nervosa group only (N = 34). Panel D shows the model comparison in the post-acute Anorexia Nervosa group only (N=
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	4c. Mediation Analyses to Explore the Role of Depression and Stress on Learning Rates**


	Analysis on (precision-weighted) Learning Rates using Depression and Stress as the Predictors (Mediation Analysis Step 2)
	Analysis on (precision-weighted) Learning Rates using Depression and Stress as the Predictors (Mediation Analysis Step 2)
	Analysis on (precision-weighted) Learning Rates using Depression and Stress as the Predictors (Mediation Analysis Step 2)


	(Intercept)
	(Intercept)
	(Intercept)

	0.45(0.01)
	0.45(0.01)

	33.32
	33.32

	0.42 – 0.47
	0.42 – 0.47

	<0.001
	<0.001


	Depression
	Depression
	Depression

	–0.03(0.01)
	–0.03(0.01)

	–2.62
	–2.62

	–0.06 – –0.01
	–0.06 – –0.01

	0.010
	0.010


	Stress
	Stress
	Stress

	–0.05(0.01)
	–0.05(0.01)

	–3.85
	–3.85

	–0.08 – –0.03
	–0.08 – –0.03

	<0.001
	<0.001


	Analysis on (precision-weighted) Learning Rates using Group, Depression and Stress as the Predictors (Mediation Analysis Step 3)
	Analysis on (precision-weighted) Learning Rates using Group, Depression and Stress as the Predictors (Mediation Analysis Step 3)
	Analysis on (precision-weighted) Learning Rates using Group, Depression and Stress as the Predictors (Mediation Analysis Step 3)


	(Intercept)
	(Intercept)
	(Intercept)

	0.46(0.02)
	0.46(0.02)

	27.28
	27.28

	0.43 – 0.50
	0.43 – 0.50

	<0.001
	<0.001


	AN
	AN
	AN

	–0.07(0.04)
	–0.07(0.04)

	–1.88
	–1.88

	–0.14 – 0.00
	–0.14 – 0.00

	0.063
	0.063


	p-AN
	p-AN
	p-AN

	–0.05(0.04)
	–0.05(0.04)

	1.15
	1.15

	–0.13 – 0.04
	–0.13 – 0.04

	0.252
	0.252


	Depression
	Depression
	Depression

	0.03(0.01)
	0.03(0.01)

	–1.81
	–1.81

	–0.05 – 0.00
	–0.05 – 0.00

	0.073
	0.073


	Stress
	Stress
	Stress

	–0.04(0.01)
	–0.04(0.01)

	–3.08
	–3.08

	–0.07 – –0.02
	–0.07 – –0.02

	0.003
	0.003


	Holm-corrected analysis on (precision-weighted) Learning Rates of the AN group using Depression and Stress as the Predictors 
	Holm-corrected analysis on (precision-weighted) Learning Rates of the AN group using Depression and Stress as the Predictors 
	Holm-corrected analysis on (precision-weighted) Learning Rates of the AN group using Depression and Stress as the Predictors 


	(Intercept)
	(Intercept)
	(Intercept)

	0.38(0.05)
	0.38(0.05)

	7.02
	7.02

	0.27 – 0.50
	0.27 – 0.50

	<0.001
	<0.001


	Depression
	Depression
	Depression

	–0.00(0.04)
	–0.00(0.04)

	–0.09
	–0.09

	–0.08 – 0.08
	–0.08 – 0.08

	0.933
	0.933


	Stress
	Stress
	Stress

	–0.06(0.04)
	–0.06(0.04)

	–1.25
	–1.25

	–0.15 – 0.04
	–0.15 – 0.04

	0.675
	0.675


	Holm-corrected analysis on (precision-weighted) Learning Rates of the p-AN group using Depression and Stress as the Predictors
	Holm-corrected analysis on (precision-weighted) Learning Rates of the p-AN group using Depression and Stress as the Predictors
	Holm-corrected analysis on (precision-weighted) Learning Rates of the p-AN group using Depression and Stress as the Predictors


	(Intercept)
	(Intercept)
	(Intercept)

	0.38(0.03)
	0.38(0.03)

	11.04
	11.04

	0.30 – 0.45
	0.30 – 0.45

	<0.001
	<0.001


	Depression
	Depression
	Depression

	–0.09(0.03)
	–0.09(0.03)

	–3.32
	–3.32

	–0.14 – –0.03
	–0.14 – –0.03

	0.024
	0.024


	Stress
	Stress
	Stress

	0.04(0.04)
	0.04(0.04)

	0.95
	0.95

	–0.05 – 0.12
	–0.05 – 0.12

	0.362
	0.362


	Analysis on Performance Confidence using Depression and Stress as the Predictors (Mediation Analysis Step 2)
	Analysis on Performance Confidence using Depression and Stress as the Predictors (Mediation Analysis Step 2)
	Analysis on Performance Confidence using Depression and Stress as the Predictors (Mediation Analysis Step 2)


	(Intercept)
	(Intercept)
	(Intercept)

	53.43(2.12)
	53.43(2.12)

	25.21
	25.21

	49.23 – 57.63
	49.23 – 57.63

	<0.001
	<0.001


	Depression
	Depression
	Depression

	–5.98(2.08)
	–5.98(2.08)

	–2.08
	–2.08

	–10.10 – –1.87
	–10.10 – –1.87

	0.005
	0.005


	Stress
	Stress
	Stress

	–6.78(2.13)
	–6.78(2.13)

	2.13
	2.13

	–10.99 – –2.56
	–10.99 – –2.56

	0.002
	0.002


	Analysis on Performance Confidence using Group, Depression and Stress as the Predictors (Mediation Analysis Step 3)
	Analysis on Performance Confidence using Group, Depression and Stress as the Predictors (Mediation Analysis Step 3)
	Analysis on Performance Confidence using Group, Depression and Stress as the Predictors (Mediation Analysis Step 3)


	(Intercept)
	(Intercept)
	(Intercept)

	56.45(2.60)
	56.45(2.60)

	21.68
	21.68

	51.30 – 61.51
	51.30 – 61.51

	<0.001
	<0.001


	AN
	AN
	AN

	–8.72(5.94)
	–8.72(5.94)

	–1.47
	–1.47

	–20.49 – 3.05
	–20.49 – 3.05

	0.145
	0.145


	p-AN
	p-AN
	p-AN

	–11.39(6.72)
	–11.39(6.72)

	–1.69
	–1.69

	–24.70 – 1.93
	–24.70 – 1.93

	0.093
	0.093


	Depression
	Depression
	Depression

	–4.81(2.20)
	–4.81(2.20)

	–2.19
	–2.19

	–9.16 – –0.45
	–9.16 – –0.45

	0.031
	0.031


	Stress
	Stress
	Stress

	–5.35(2.23)
	–5.35(2.23)

	–2.40
	–2.40

	–9.76 – –0.94
	–9.76 – –0.94

	0.018
	0.018


	Analysis on actual Learning Rates using Depression and Stress as the Predictors (Mediation Analysis Step 2)
	Analysis on actual Learning Rates using Depression and Stress as the Predictors (Mediation Analysis Step 2)
	Analysis on actual Learning Rates using Depression and Stress as the Predictors (Mediation Analysis Step 2)


	(Intercept)
	(Intercept)
	(Intercept)

	0.71(0.07)
	0.71(0.07)

	10.76
	10.76

	0.58 – 0.84
	0.58 – 0.84

	<0.001
	<0.001


	Depression
	Depression
	Depression

	–0.12(0.06)
	–0.12(0.06)

	–1.83
	–1.83

	–0.25 – 0.01
	–0.25 – 0.01

	0.070
	0.070


	Stress
	Stress
	Stress

	0.06(0.07)
	0.06(0.07)

	0.88
	0.88

	–0.08 – 0.20
	–0.08 – 0.20

	0.379
	0.379


	Analysis on the absolute difference between actual and precision-weighted Learning Rates using Depression and Stress as Predictors (Mediation Analysis Step 2)
	Analysis on the absolute difference between actual and precision-weighted Learning Rates using Depression and Stress as Predictors (Mediation Analysis Step 2)
	Analysis on the absolute difference between actual and precision-weighted Learning Rates using Depression and Stress as Predictors (Mediation Analysis Step 2)


	(Intercept)
	(Intercept)
	(Intercept)

	0.60(0.05)
	0.60(0.05)

	11.05
	11.05

	0.49 – 0.71
	0.49 – 0.71

	<0.001
	<0.001


	Depression
	Depression
	Depression

	0.06(0.05)
	0.06(0.05)

	1.19
	1.19

	–0.04 – 0.17
	–0.04 – 0.17

	0.238
	0.238


	Stress
	Stress
	Stress

	–0.05(0.06)
	–0.05(0.06)

	–0.95
	–0.95

	–0.17 – 0.06
	–0.17 – 0.06

	0.347
	0.347





	Table 4 Main output of Bayesian Belief Updating Analyses for Experiment 2.
	Table 4 Main output of Bayesian Belief Updating Analyses for Experiment 2.
	N.B. Bolded values denote statistical significance (p < 0.05). * Learning Rate 1 refers to the precision-weighted learning rate with Performance Confidence as a proxy for precision of the evidence; Learning Rate 2 refers to the precision-weighted learning rate with EDI-3-ID as a proxy for precision of the evidence. **Here we only examined the role of Depression and Stress on the precision-weighted Learning Rates which used Performance Confidence as a precision proxy of evidence, given that we only found sig
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